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ABSTRACT 

 

 

 

USING ECOLOGICAL NICHE MODELING TO IDENTIFY THE POTENTIAL RANGE OF 

NOVEL INVASIVE TOADFLAX GENOTYPES IN THE U.S. NORTHERN ROCKIES 

 

 

 

Dalmatian toadflax (Linaria dalmatica [L.] Mill.) and yellow toadflax (Linaria vulgaris 

Mill.) are vigorous invasive weeds posing significant management challenges. Predictions of 

suitable environments for these aggressive, emergent hybrid taxa are urgently required. 

Publishing predictive maps of the potential geographic distribution of toadflax will facilitate 

weed and land managers’ efforts in maximizing limited resources for locating and controlling 

present and future populations of these invaders. The invaded ranges of Dalmatian and yellow 

toadflax span the Intermountain West, which encompasses the study area (i.e. Montana, 

Wyoming, and Colorado). These two species are listed as noxious weeds in all three states, with 

legal requirements for control in Wyoming and Colorado. Their hybrid progeny have even 

greater invasive potential; yet, relatively little is known about the current distribution of – and 

management approaches for – the hybrid. Ecological niche modeling with MaxEnt was 

performed for each taxon to identify favorable environmental characteristics and to predict 

fundamental niches in the study area. Areas at high risk of hybrid invasion were identified based 

on: a) known hybrid occurrence and associated environmental conditions; b) zones 

environmentally suitable for co-occurrence of the parental species; and c) areas common to both 

a) and b). Hybridization hot spots were predicted for western Montana; northwestern, 

northeastern, and southeastern Wyoming; and the Western Slope and Front Range of Colorado. 
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Model output also indicated that hybrid toadflax would have greater ecological amplitude than 

its progenitors, with potential hybrid invasion in much of north central Montana where the 

parental species have not been reported. These methods for predicting the distribution of an 

emerging hybrid taxon with little occurrence data can be applied to similar taxa. Managers 

working to control the spread of toadflax can use these results to prioritize areas of high invasion 

risk. To solicit feedback from those involved with managing toadflax, seven people were 

interviewed regarding their level of knowledge of hybrid toadflax and the usability of the maps. 

There was a lack of awareness among interviewees regarding the potential geographic spread of 

the hybrid, and there were six requests for localized hot spot maps. By generating predictive 

maps of hybrid toadflax distribution and reaching out to weed and land managers, awareness of 

this taxon will increase and managers will be attentive to ongoing biocontrol and herbicide 

research. 
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Chapter One: Introduction and Review of Literature 

Introduction 

Invasive species impact native species through competition and/or modification of habitat 

that renders it less suitable for the native (Wilcove et al. 1998; Hall and Ayres 2009). Invasive 

plants and animals cost the United States an estimated $120 billion per year from environmental 

impacts and management efforts (Pimentel et al. 2005). A significant challenge in managing 

invasive plants is preventing their spread into new landscapes. To mitigate invasions, managers 

rely on early detection and rapid response (EDRR) programs, which involve eradicating new 

infestations prior to establishment. Early detection of infestations is more effective when 

informed by knowledge of conditions that promote species invasions (Bradley and Marvin 

2011). Ecological niche models can generate predictions of suitable environmental conditions 

and geographic ranges such as for invasive plant species. Accordingly, these models can inform 

weed and land managers about the most suitable locations to employ EDRR programs. 

Maximum entropy (MaxEnt) is the modeling application used in this research. MaxEnt generates 

an environmental suitability map showing the likelihood of species occurrence across the study 

area (Phillips and Dudik 2008). Additionally, it works with occurrence-only data, as available for 

our selected taxa. 

Our study system consists of three invasive plant taxa - Dalmatian toadflax (Linaria 

dalmatica [L.] Mill) (DT), yellow toadflax (Linaria vulgaris Mill.) (YT), and their hybrids (L. 

dalmatica x L. vulgaris) (HT). These toadflaxes are herbaceous creeping perennial forbs (Saner 

et al. 1995) for which hundreds of thousands of dollars are spent annually on attempts to control 

DT and YT on public lands in the western United States alone (Ward et al. 2009). 
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Our study area consisted of the states of Montana, Wyoming, and Colorado, selected to 

provide a sample of DT and YT occurrence data across a region of management interest. 

Geographic features of the study area include the western Continental Divide running down the 

spine of the Rocky Mountains. These mountains encompass significant elevation differences and 

geographic variation, causing considerable local climatic variation. East of the mountains are 

plains regions in all three states, characterized by lower elevations, higher year-round mean 

temperatures, and a longer growing season (WRCC 2016). Elevation in the study area ranges 

from 550 – 4400 m (1800 to 14433 ft.), contributing to a heterogeneous climate. Soils vary 

considerably across the study area, e.g., in clay content – approximately 5% in northwestern 

Montana up to nearly 60% east of the Rockies, also in Montana (soilgrids.org 2017). Clay 

content is lower in the mountains and higher in lower elevations across the study area. Total 

annual precipitation in the form of rain and snow is heterogeneous throughout the three-state area 

as well, ranging from highs of approximately 290 cm in the mountains to lows of less than 14 cm 

in southwestern Wyoming and southcentral Colorado (ClimateWNA 2017). The most prevalent 

land uses and land cover in the study area are coniferous forest, grazed rangelands, farming, and 

developed urban locations, representing a spectrum of ecosystems and therefore plant 

communities (USDA 2012). 

Dalmatian toadflax history and biology 

Originally from the dry climate of the Mediterranean region, DT was introduced to North 

America by the late 1800s as an ornamental plant (Vujnovic and Wein 1997). DT can tolerate a 

wide range of environmental conditions, contributing to its invasive success. In North America, 

it occurs at latitudes between 33° to 55° N (Vujnovic and Wein 1997). DT is usually found in 
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areas with dry summers and well-drained soils (De Clerck-Floate and Richards 1997; Lajeunesse 

1999). Soils invaded by DT range from sandy loam to coarse gravel (Alex 1962). 

DT flowering typically occurs from May through early August (Saner et al. 1995) and a 

mature plant can produce up to 500,000 seeds annually (Robocker 1974). This copious seed 

production makes DT highly competitive and able to invade cropland and un-grazed vegetation 

(Vujnovic and Wein 1997). DT seed has a lower proportion of dormancy and higher germination 

rates than YT seed (Morishita 1991), although dormant seed can persist for up to a decade, 

creating lasting management issues (Turner 2012). DT has an extensive root system – growing 

up to 1.8m deep and spreading to 3.6m horizontally, with semi-woody roots that produce 

adventitious buds (De Clerck-Floate and Harris 2002). Adventitious buds arise on rhizomes as 

soon as 9 weeks after germination; these buds generate independent daughter shoots in autumn 

that number up to 40 (Alex 1962). During the winter, DT persists as a rosette above ground from 

which stems regrow in the spring (Sing et al. 2016). DT may be especially competitive with 

winter annuals and shallow-rooted perennials (Sing and Peterson 2011) because the roots of 

mature plants are able to capture limited soil water (Coupland et al. 1963).  

Yellow toadflax history and biology 

YT is native to northern/temperate Eurasia (Chater et al. 1972) – a wetter climate than 

where DT originates. Introduction of YT to the United States occurred as early as the late 1600s, 

also as an ornamental plant, as well as a fabric dye and for medicinal purposes (Arnold 1982). It 

is prescribed today for jaundice, liver troubles, and various skin conditions (LeStrange 1977). 

Locations commonly invaded by YT include roadsides, railroads, abandoned areas, dry fields, 

grain fields, gardens, pastures, and other cultivated fields (Reed and Hughes 1970). YT prefers 

moderately humid sandy loam soils that are moderate to rich in nutrients and minerals (Hartl 
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1974), occurring in moist soils such as those associated with riparian areas (De Clerck-Floate 

and Richards 1997). 

YT flowers from July through September (Saner et al. 1995). Reproduction in YT occurs 

both sexually by seed and asexually by adventitious root buds from the lateral and tap roots 

(Salisbury 1942; Bakshi and Coupland 1960). YT, as well as DT, are obligate outcrossing 

species (i.e., they introduce unrelated genetic material into a breeding line) fertilized by insects 

(Bruun 1937; Arnold 1982; Docherty 1982). YT is a difficult invasive plant to manage because 

of its morphological plasticity, perennial habit, and high degree of genetic variation (Zilke 1954; 

Saner et al. 1995; Lajeunesse 1999). Nadeau et al. (1991) performed a study showing that a YT 

plant with 10 cm roots and 10 cm shoots grew to a patch 2 m in diameter in one growing season.  

Once established, YT colonies persist mostly via seed production (Lehnhoff et al. 2008). 

Individual seed capsules contain 10 to 110 seeds, with1,500 to 20,000 - 30,000 seeds produced 

annually per mature plant (Saner et al. 1995; Wilson et al. 2005). Asexual reproduction may start 

as soon as 2-3 weeks after germination (Zilke 1954). In their first year, plants can produce 90 to 

100 secondary shoots from roots and in their second year, 200 to 250 shoots (Salisbury 1942; 

Zilke 1954). YT stems completely die back in winter; spring regrowth occurs only from sub-soil 

root buds (Sing et al. 2016). These characteristics of more rapid growth plus higher numbers of 

shoots produced result in YT being a more formidable invader than DT. 

YT has a strong competitive ability and can rapidly expand, enabling it to markedly 

affect ecosystems. Once established, YT expands the quantity and density of patches and 

increases its ramet density within patches, affecting native plant communities (Pauchard et al. 

2003) and potentially creating a monoculture (Lajeunesse 1999). YT also invades diverse 

ecosystems with high species richness (Sutton et al. 2007) and displaces desirable vegetation, 
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plus it decreases the carrying capacity and the appraised value of infested ranch land (Lacey and 

Olsen 1991). Lehnhoff et al. (2008) studied YT in a U.S. wildland setting and observed its ability 

to colonize and displace native vegetation in intact habitat. An invasion of YT in West 

Yellowstone National Park shows that it is a threat to both low-elevation disturbed lands and 

remote, high-elevation protected areas (Pauchard et al. 2003).  

Noxious classification of toadflax 

Toadflax are considered noxious because they are long-lived perennials that are difficult 

to eliminate once established. DT and YT are designated category 1 noxious weeds in Montana; 

reducing infestation and spread is acknowledged to minimize economic and environmental 

impacts (WMTF 2008). In Wyoming, both taxa are listed as noxious weeds, requiring a program 

for their control (WWPC 2016). In Colorado, both taxa – as well as the hybrid taxon – are on the 

noxious weed list B, mandating their spread be stopped (CWMAa, CWMAb 2016). DT and YT 

are also listed as noxious in Idaho, Nevada, New Mexico, Oregon, South Dakota, and 

Washington; DT alone is listed in Arizona, California, and North Dakota (USDA PLANTS 

Database 2017). The range of YT has been expanding in the Intermountain West, particularly 

Colorado, Idaho, Montana, and Wyoming (Markin 2002; Beck 2010).  

Hybrid toadflax 

Species hybridization has been suggested to increase invasive adaptations that are 

recognized as a mechanism of initiating and expanding invasions (Schierenbeck and Ellstrand 

2009). Observed outcomes of plant hybridization also include the formation of a stable hybrid 

zone (Ferdy and Austerlitz 2002). The hybridization zone is of concern because it is an area in 

which the hybrid and both parental species coexist and greater numbers of hybrids may result. 

Hu (2005) proposed two different mechanisms for the maintenance of a hybrid zone: (1) an area 
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where hybrids are maintained by ongoing immigration of the parental gametes and (2) a 

superiority zone where hybrids are better adapted than either parental species. 

Research has confirmed that hybridization is occurring between highly invasive 

populations of DT and YT, and that the hybrid progeny are viable and fertile.  Yet the first 

records of hybrid toadflax in North America were not made until 2009 (Sing et al. 2016). The 

native ranges of these toadflax species do not overlap (Ward et al. 2009), which precludes 

hybridization in these environments. HT has been found in disturbed sites suitable for either 

parental species, including pastures, and rangeland in a variety of soils and climatic conditions 

(Sing et al. 2016). 

The timing of both flowering and seed reproduction of DT and YT vary within the study 

area; however, due to the long duration of bloom cycles the likelihood of flowering overlap is 

high (Turner 2012) and the window for hybrid pollination is approximately 1.5 months. 

Pollinators may source pollen from DT or YT and then travel to a colony of the other taxon. 

Common strong-flying insect pollinators of toadflax such as bumble bees (De Clerck-Floate and 

Richards 1997) can travel over 1.5 km between pollen sources (Osborne et al. 2008). 

Accordingly, the hybrid could establish via bee pollination within a parent colony at sites 

suitable to both DT and YT (Ward et al. 2009). 

Greenhouse-based experiments at Colorado State University and long-term field 

monitoring of toadflax invasion in the Helena and Beaverhead-Deerlodge National Forests in 

Montana show that hybrid toadflax can outcompete and replace DT and YT (Brenner and Ward, 

unpublished data; Sing, unpublished data). Toadflax hybridization is of notable concern because 

of the occurrence of heterosis (“hybrid vigor”) whereby the hybrid taxon is a more robust and 

aggressive invader than either of its parental species (Turner 2012). One common garden study 
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yielded preliminary results indicating that HT demonstrates greater growth and reproductive 

potential compared to either of the parental species (Turner 2012). Examples of heterosis in 

weedy species have also been reported in Tamarix in North America (Gaskin and Schaal 2002) 

and Fallopia in Europe (Tiebre et al. 2007). 

Management challenges from hybridization in invasive plants 

Invasive plant hybrids threaten native communities and are difficult to control for land 

managers (Vilà et al. 2000). The difficulties arise from diverse aspects of management: 

identification, novel genetics, efficacy of biocontrols and herbicides, and altered phenology in 

hybrids. 

Cryptic hybridization makes identifying hybrids difficult as most closely resemble one of the 

parental taxa despite genetic variation, and hybrids may exhibit a sparse geographic distribution 

while emerging as a novel population. Boswell et al. (2016) found that introgression of YT genes 

into DT populations (i.e. cryptic hybridization in DT) may be more widespread than previously 

realized, complicating the identification, and therefore taxonomy, of invasive DT in North 

America. Their research showed that some populations presumed to be DT may be backcrossed 

hybrids that have regained many morphological and ecophysiological traits of DT while 

possessing introgressed YT genes. A previous study by Ward et al. (2009) also reported 

difficulties distinguishing DT from HT. Plants resembling DT – except with narrow leaves – 

have been confirmed as HT (Ward et al. 2009) or as drought-stressed DT (S Ward and S Sing, 

personal observation).  Recurrent backcrossing between HT and the parental species results in a 

spectrum of genetic makeup and therefore morphological characteristics of HT ranging from DT-

like to YT-like. This spectrum underpins the difficulty of identifying HT in the field. Public 

lands in the United States such as wilderness areas and national parks commonly do not have the 
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resources for field crews to search extensively for species of concern. Thus, many weed 

populations remain undetected until invasions become much more widespread (Mack et al. 

2000). 

Williams et al. (2013) found that genetic differentiation in Tamarix species (T. ramosissima x 

T. chinensis) emphasizes the impact of plant hybridization and may explain the different degrees 

of success of biocontrol agents. Depending on location in the western United States, genetic 

variation due to hybridization resulted in variable susceptibility to biological control. Increased 

levels of T. ramosissima introgression was found to be highly correlated with greater 

vulnerability to insect attack (Williams et al. 2013). Applying knowledge of factors influencing 

biocontrol susceptibility, e.g., variability in location and hybridization with Tamarix, 

demonstrably improved the efficiency of management tactics. Parepa et al. (2013) found that 

invasive knotweed hybrids (Fallopia japonica crossed with F. sachalinensis yielding their hybrid 

F. bohemica) are more competitive than their parental species, and hybridization significantly 

increased their invasiveness. The authors concluded management efforts of knotweed hybrids 

should be prioritized over the parental taxa because the hybrids are inherently the most vigorous 

of the invasive knotweeds. Hybrid knotweed is another taxon exemplifying the relationship 

between genetic novelty in weeds and increased management challenges. 

DT and YT are obligate outcrossers which maintain high genetic diversity (Mitich 1993). 

Gene flow between DT and YT could result in multiple outcomes: novel genetic combinations 

may enable hybrid taxa to outcompete and even displace their progenitors (Buerkle et al. 2000) 

or they may evolve an ecological amplitude beyond the limits of their parental species (Barton 

2001). The deep and extensive root systems of DT and YT allow them to withstand many 

different control methods (Saner et al. 1995) and the efficacy of biocontrols on HT is not yet 
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known. Hybridization in plants can also cause a change in phytochemical compounds (Cheng et 

al. 2011), which may make them unrecognizable or unpalatable to specialized herbivores that use 

plant chemistry to recognize suitable host species (Schoonhoven et al. 2005). The stem-boring 

weevils Mecinus janthiniformis and Mecinus janthinus are effective biocontrols on DT and YT, 

respectively. Unfortunately, each of these weevil species has a strong preference for its natural 

host toadflax. It is currently unknown if the weevils will establish on and control HT populations 

(Boswell et al. 2016; S Sing 2017, personal communication).  

 In addition to challenges presented by biocontrol, herbicide application to treat toadflax 

in the study area is rife with difficulty. Spraying herbicide, unless timed perfectly, has limited 

impact on both DT and YT (S Sing 2017, personal communication). When considering the 

various land cover types inhabited by toadflax, especially in the backcountry, applying 

herbicides can be impractical and uneconomical against very large infestations. Off-target 

damage from herbicide application may also negatively affect native plant communities in the 

long term (Sing et al. 2016). YT is more difficult to treat with chemical controls than DT as YT 

shows limited and variable response to herbicides (Sebastian and Beck 1998, 1999). The first 

known garden study of herbicides on HT began in September 2016 in Montana. Results showed 

a comparatively high survival rate of HT at both the full and half rate picloram treatments, likely 

conferred by the genetic contribution of YT rather than DT (S Ward and S Sing 2017, personal 

communication). Achieving less than 100% eradication of any of these toadflax taxa may result 

in selection of individuals with a degree of resistance to the herbicides. 

Weber and D’Antonio (1999) compared the invasiveness of hybrids to their parental 

species and found hybrids can be more plastic and more tolerant of environmental variation. 

Turner (2012) describes the benefits of early emergence of plants in the spring: competitive 
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advantages such as having earlier access to resources, e.g. space and light, earlier flowering 

times that may alter the plant-pollinator interactions or other mutualisms, and avoiding late-

season drought or frost. Lastly, earlier maturation of seeds resulting from completing the 

reproductive cycle more quickly could increase ecological amplitude in regions with shorter 

growing seasons. Turner (2012) performed a common garden experiment with replicated sites in 

Fort Collins, CO and Bozeman, MT including testing the emergence times of DT, YT, and HT. 

Hybrids generally emerged from winter dormancy earlier than either of the parental species. 

Although emergence time varied between sites and did not directly result in earlier flowering or 

seed set, HT emerging earlier may increase patch expansion by capitalizing on resources before 

DT and YT have an opportunity to make use of them. 

Challenges presented by correct identification, novel adaptive genotypes, variable 

response to control methods, and altered phenology in toadflax hybrids support the predictive 

modeling of the invasive range of HT as it has the potential to be the most formidable toadflax 

taxon in the study region. These predictions will be communicated to weed and land managers, 

particularly in high-risk areas, to increase awareness of the potential for HT invasion and thereby 

improve the effectiveness of management. 

Ecological niche modeling with MaxEnt 

Ecological niche models (ENMs) – also known as species distribution models, bioclimatic 

envelopes, or correlative niche models – predict suitable range for a species based on correlated 

environmental variables at specified species occurrence locations. Ongoing advancements in 

geographic information systems (GIS) and greater availability of detailed geospatial 

environmental data, including remote sensing data, have led to the use of ecological niche 

modeling for numerous applications in ecological research (Guisan and Zimmermann 2000). The 
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ecological niche modeling process enables questions to be addressed about which environmental 

variables (e.g., temperature, precipitation, primary productivity, etc.) provide better explanations 

of observed species distributions (Hawkins et al. 2003) and can be used to contrast species’ 

niches (Kremen et al. 2008). Quantitative modeling approaches are based on ecological niche 

theory and are applied to understand species-environment relationships (Lestina et al. 2016). An 

ENM incorporates species occurrence data with selected environmental variables to model a 

species’ niche in environmental space, which is then projected into geographical space to predict 

the species’ distribution (Elith et al. 2013). 

MaxEnt is software that uses a machine-learning method to estimate the probability of a 

species presence across a given study area (Phillips et al. 2006). Species occurrence point 

locations and environmental GIS layers are input into MaxEnt; species absence data is not 

required. MaxEnt calculates the distribution of maximum entropy (i.e., that is most spread out, or 

closest to uniform) and produces an environmental suitability map that shows the probability of 

species occurrence throughout the study extent (Phillips and Dudik 2008). Thus, the final map 

shows a gradient between least-likely to most-likely locations of species presence. MaxEnt is 

increasingly used in a variety of applications, including risk of invasive species and pest 

establishment (Kumar et al. 2014), determining suitable habitat for threatened and endangered 

species (Kumar and Stohlgren 2009), and managing insect vectors of diseases (Larson et al. 

2010). Elith et al. (2006) compared the performance of various ENM algorithms to produce 

guidelines for users as to which methods may perform better for their species-environment 

scenarios, and found that MaxEnt outperformed other evaluated modeling applications (Elith et 

al. 2006). MaxEnt is notably well suited for species with a small number of occurrence records, 

such as HT in this study (Benito et al. 2009). MaxEnt is the most commonly used ecological 
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niche modeling application for inferring species distributions, niches, and environmental 

tolerances (Warren and Seifert 2011). 

There are some limitations with the MaxEnt ENMs in this study. Specifically, the model 

outputs do not consider (a) interspecific competition (b) presence/absence of biocontrol species 

(c) dispersal mechanisms carrying the hybrid beyond the occupied niches of the parental species 

(it is possible that HT may occur in niches where its parental taxa are not found based on 

propagule movement) (d) source-sink and metapopulation dynamics (Hanski 1999) and (e) 

environmental stochasticity. Lastly, predictions are based on presence data and environmental 

variables available from an historical window of time (1990 – 2016, and as old as 1991 and as 

new as 2015, respectively); therefore, predictions are most accurate for the present and not the 

future. Nevertheless, environmental suitability maps produced by MaxEnt showing invasive 

species’ predicted distributions are valuable tools for resource managers to prevent the species 

from spreading and for designing effective EDRR systems (Peterson 2003). 

MaxEnt modeling of invasive plants 

Padalia et al. (2014) modeled bushmint, Hyptis suaveolens (L.) Poit., throughout India 

using MaxEnt and GARP (Genetic Algorithm for Rule-Set Production) with one objective being 

comparing the two modeling algorithms. MaxEnt and GARP were chosen because they have 

shown accurate prediction capabilities with occurrence-only data (i.e. no absence data) (Hijmans 

and Graham 2006; Phillips and Dudik 2008). The authors used 530 locations randomly collected 

with uniform sampling intensity, and with environmental variable selection – 14 predictors after 

reducing correlations. To run the models in a similar way, k-fold cross validation was used in 

MaxEnt and the best subset selection procedure was used in GARP (per Stockwell and Peters 

1999; Anderson et al. 2003; Phillips et al. 2006). GARP results predict presence or absence in a 
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binary fashion; accordingly, a threshold procedure was applied to the MaxEnt outputs to convert 

them from continuous to binary. The area under the receiver operating characteristic curve 

(AUC) was used to evaluate model performance and robustness, as AUC is a widely used 

procedure for such comparisons (Phillips et al. 2006). The MaxEnt model produced a higher 

AUC – 0.86 – compared to that of GARP – 0.75. This demonstrates a stronger prediction 

capability of MaxEnt and suggests GARP did worse in discriminating suitable/unsuitable sites 

(Padalia et al. 2014). Additional studies similarly reported MaxEnt’s higher performance than 

other modeling applications (see Stockwell and Peterson 2002; Phillips et al. 2006; Babar et al. 

2012). 

 O’Donnell et al. (2012) investigated potential hot spots of invasive plants in Australia 

using MaxEnt models. The authors selected 72 Weeds of National Significance to model; species 

occurrence data were sourced from an Australian herbarium and the Global Biodiversity 

Information Facility (GBIF). Given the creation of 72 models, environmental variables were held 

constant at seven total temperature and precipitation layers, which were downloaded from 

WorldClim.(O’Donnell et al. 2012). Variables were selected in advance that are important 

factors influencing the physiology and distribution of many plant species (Woodward 1987). 

Models were fit using occurrence data and environmental variable layers – both at the global 

scale, ensuring the broadest range of data was used (Broennimann and Guisan 2008; Beaumont 

et al. 2009) and subsequent analysis was performed by clipping Australia out of the global 

environmental suitability maps. This approach may result in less reliable and accurate maps at 

the scale of Australia (S Kumar, personal communication 2017). The authors applied a threshold 

to the suitability maps to create binary maps that estimate the boundaries of a species’ 

bioclimatic range; these suitability rasters were summed to produce an invasion hot spots map. 
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O’Donnell et al. (2012) predicted the southwest corner and southeastern Australia as hot spots 

for invasive plants. 

MaxEnt modeling of hybrid invasive species 

Although MaxEnt has been widely used for modeling invasive species occurrence, very 

few published studies have focused on using MaxEnt to predict hybridization and potential 

hybrid expansion in non-native invasives. Sánchez-Guillén et al. (2013) performed a MaxEnt 

modeling study on potential hybridization among Ischnurid damselfly species in the 

Mediterranean region. The authors used predicted environmental layers from three future climate 

scenarios in addition to the current climate layers to model predictions of niche shift under these 

scenarios. Reproductive isolation factors were also considered when the risk of hybridization 

was determined. Occurrence data from seven species of damselfly were used in the MaxEnt 

models, and a suitable/unsuitable threshold was applied to generate environmental suitability 

maps. Sánchez-Guillén et al. (2013) found that in the 2020 scenario, 10 pairs of Ischnurid 

damselfly species were predicted to increase their overlapping ranges, and five of those pairs 

were also predicted to hybridize. Given that this was a multi-species investigation considering 

different climate scenarios, hybridization hot spots were not mapped, likely because this would 

add complexity to the research.  

Vardien et al. (2011) used MaxEnt to model distribution of Lantana camara, a shrub-like 

species that is a notorious global invader and is listed among the world's one hundred worst 

invasive species (Lowe et al. 2000). Invasive L. camara populations represent a complex of 

numerous horticultural hybrids and a small number of wild Lantana species (Sanders 1987, 

2006) that display high morphological variation resulting from breeding and intra- and inter-

specific hybridization (Spies 1984; Binggeli 2003). Vardien et al. (2011) used MaxEnt to 



 

15 
 

determine whether the current distribution of L. camara in South Africa constitutes a smaller 

realized climatic niche or the fundamental climatic niche. Their results identified suitable areas 

for expansion in the KwaZulu-Natal province midlands. Biocontrol of L. camara has been 

confounded by the diversity of Lantana hybrids. A biocontrol agent's preference for a specific 

Lantana host or hosts appears to limit its success (Zalucki et al. 2007), and Vardien et al. (2011) 

concluded that using spatial data to model invasion and determine the potential geographical 

ranges of L. camara is important to the management of the species. 

Mukherjee et al. (2011) investigated whether hybridization was a driver behind niche 

shift in Brazilian peppertree (Schinus terebinthifolius) in the invaded range in Florida. The 

Brazilian peppertree is regarded as one of Florida’s most widespread and damaging invasive 

plants, and extensive intraspecific hybridization between native range geographically and 

genetically differentiated biotypes has taken place there (Mukherjee et al. 2011). A common 

garden experiment showed that Brazilian peppertree hybrids have higher survival rates, growth 

rates, and biomass in Florida than parental biotypes (Geiger et al. 2011). Genetic divergence, 

which may occur during hybridization in an invasive species due to rapid evolution after 

introduction (Prentis et al. 2008), can cause a shift in the species’ fundamental niche. To test for 

niche shift, the authors used MaxEnt to model reciprocal predictions of the distribution of 

Brazilian peppertree between native and invasive habitats: a model was created for South 

America and the suitable environment was projected onto Florida, and vice versa. This is done to 

evaluate the accuracy of transferring a model from one location to another, while keeping the 

species occurrence data constant. Mukherjee et al. (2011) used default MaxEnt settings, e.g., for 

features and regularization multiplier (but not for training-testing data split, replicate runs, 

random seeded subsample, and average of replicated predictions). Default settings in MaxEnt do 
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not always produce the best predictions (Merow et al. 2013; Kumar et al. 2014).Their results 

showed the reciprocal predictions of the current realized niche of the Brazilian peppertree 

haplotypes were inaccurate in either Florida or Brazil (Mukherjee et al. 2011). In conclusion, the 

small number of published studies to date indicate that predicting hybridization and potential 

hybrid expansion in non-native invasives is a relatively novel and unexplored use of MaxEnt. 

Other toadflax modeling studies 

Other authors have researched the potential range of DT or YT, and the environmental 

factors contributing to these distributions, using various modeling methods. However, no 

published research was found that modeled the geographic range of HT. The theme of predicting 

distributions is seen throughout, though at differing spatial scales and points in time and only 

with one toadflax species. Blumenthal et al. (2012) concluded that DT occurrence may be more 

common on steep slopes – especially south-facing – and that grazing may inhibit DT invasion. 

Multiple statistical models were employed to make these predictions; supporting data were from 

the High Plains Grassland Research Station in Wyoming. Pollnac et al. (2014) predicted DT 

population growth rate would not decrease with increased elevation based on population 

dynamics models and data from the Greater Yellowstone Ecosystem (northwestern 

Wyoming, southwestern Montana, and eastern Idaho). This suggests that DT could be occupying 

a realized niche below its upper elevation bound (Gaston 2003). However, the authors observed 

that DT germination rates decrease at the highest elevations studied, potentially due to a climatic 

limit (F. Pollnac and L. Rew, unpublished data). Sutton et al. (2007) predicted that YT is most 

often found in areas that were open-canopy sites, along trails, and with higher species diversity 

based on logistic regression models on data from plots at two sites in the Flat Tops Wilderness, 

Colorado. Xu (2015) used MaxEnt modeling to estimate the distribution of YT and 27 other 



 

17 
 

invasive alien species for both current and future bioclimatic conditions in the Chinese Upper Ili 

River Basin. The author’s key findings were identifying the most important bioclimatic variables 

predicting species distributions – for YT, precipitation of the driest month, mean temperature of 

the coldest quarter, and mean annual temperature. The importance of understanding the potential 

distribution of DT and YT is demonstrated by these studies and, given the risk of HT being a 

greater invasive threat, considering the range of all three taxa is more exigent. From the 

preceding examples, clearly different modeling approaches are used to fit different needs, e.g., 

spatial and temporal scales, population biology characteristics, etc. We used MaxEnt to address 

different questions: What is the predicted distribution of HT based on either co-existence of DT 

and YT or from an HT-only MaxEnt model? 

Research objectives 

Our research objectives were to model predictive spatial distributions for DT, YT, and 

HT in Montana, Wyoming, and Colorado, and to solicit feedback from weed and land managers 

on the utility of these predictions. 

  



 

18 
 

Literature Cited 

Alex, JF (1962) The taxonomy, history, and distribution of Linaria dalmatica. Canadian Journal 

of Botany 40 (2):295-307 

Anderson RP, Lew D, Peterson AT (2003) Evaluating predictive models of species' distributions: 

criteria for selecting optimal models. Ecological Modelling 162:211-232 

Arnold RM (1982) Pollination, predation and seed set in Linaria vulgaris (Scrophulariaceae). 

Am Midl Nat 107:360–369 

Babar S, Amarnath G, Reddy CS, Jentsch A, Sudhakar S (2012) Species distribution models: 

ecological explanation and prediction of an endemic and endangered plant species 

(Pterocarpus santalinus L.f.). Current Science 102:1157-116 

Bakshi, TS, Coupland, RT (1960) Vegetative Propagation in Linaria vulgaris. Canadian Journal 

of Botany 38: 243-249 

Barton NH (2001) The role of hybridization in evolution. Molecular Ecology 10(3):551-568. 

Beaumont LJ, Gallagher RV, Thuiller W, Downey PO, Leishman MR, Hughes L (2009) 

Different climatic envelopes among invasive populations may lead to underestimations of 

current and future biological invasions. Diversity and Distributions 15:409-420 

Beck KG (2010) Biology and Management of the Toadflaxes. Colorado State University 

Extension. Extension Note 3.114 

Benito BM, Martinez-Ortega MM, Munoz LM, Lorite J, Penas J (2009) Assessing extinction-

risk of endangered plants using species distribution models: a case study of habitat 



 

19 
 

depletion caused by the spread of greenhouses. Biodiversity and Conservation 18:2509-

2520 

Binggeli P (2003) Verbenaceae, Lantana camara, fankatavinakoho, fotatra, mandadrieko, 

rajejeka, radredreka, ramity. In: Goodman, S.M., Benstead, J.P. (Eds.), The Natural 

History of Madagascar. University of Chicago Press, Chicago:415–417 

Blumenthal DM, Norton AP, Cox SE, Hardy EM, Liston GE, Kennaway L, Booth DT, Derner 

JD (2012) Linaria dalmatica invades south-facing slopes and less grazed areas in grazing-

tolerant mixed-grass prairie. Biological Invasions 14:395-404 

Boswell A, Sing SE, Ward SM (2016) Plastid DNA analysis reveals cryptic hybridization in 

invasive Dalmatian toadflax (Linaria dalmatica) populations. Invasive Plant Science and 

Management 9:112-120 

Bradley BA, Marvin DC (2011) Using expert knowledge to satisfy data needs: mapping invasive 

plant distributions in the western United States. Western North American Naturalist 

71:302-315 

Broennimann O, Guisan A (2008) Predicting current and future biological invasions: both native 

and invaded ranges matter. Biology Letters 4:585-589 

Bruun HG, (1937) Genetical notes on Linaria, I-II. Hereditas 22: 395-401 

Buerkle CA, Morris RJ, Asmussen MA, Rieseberg LH (2000) The likelihood of homoploid 

hybrid speciation. Heredity 84(4): 441-451 

Chater AD, Valdes B, Webb DA (1972) Linaria Miller. Pages 226–236 in Tutin VG, Heywood 

VH, eds. Flora Europaea. Volume 3. Cambridge, U.K.: Cambridge University Press 



 

20 
 

Cheng D, Kirk H, Mulder V, Klinkhamer P (2011) Pyrrolizidine alkaloid variation in shoots and 

roots of segregating hybrids between Jacobaea vulgaris and Jacobaea aquatic. New 

Phytologist, 192(4):1010-1023 

ClimateWNA (2017) The University of British Columbia Centre for Forest Conservation 

Genetics – Climate Western North America. 

http://www.climatewna.com/ClimateWNA.aspx Accessed: June 14, 2016 

Coupland RT, Zilke S, Selleck GW (1963) Spread of toadflax in Saskatchewan. Canadian 

Journal of Plant Science 43:214-2210 

CWMAa (2016) Colorado Weed Management Association. Yellow Toadflax. 

http://www.cwma.org/YellowToadflax.html Accessed: May 6, 2016 

CWMAb (2016) Colorado Weed Management Association. Dalmation Toadflax. Online at 

http://www.cwma.org/Dalmation.html Accessed: May 6, 2016 

De Clerck-Floate RA, Richards KW (1997) Pollination ecology and biocontrol: developing 

release strategies for seed feeding insects on Dalmatian toadflax. Acta Horticulture 

(Wageningen), 437 (1):379–384 

De Clerck-Floate R, Harris P (2002) Linaria dalmatica (L.) Miller, Dalmatian toadflax 

(Scrophulariaceae). Biological Control Programmes in Canada, P.G. Mason and J.T. 

Huber, CABI Publishing, Wallingford, Oxon, U.K:368-374 

Docherty Z (1982) Self-incompatibility in Linaria. Heredity 49:349-352 

Elith J, Graham CH, Anderson RP, Dudik M, Ferrier S, Guisan A, Hijmans RJ, Huettmann F, 

Leathwick JR, Lehmann A, Li J, Lohmann LG, Loiselle BA, Manion G, Moritz C, 

http://www.climatewna.com/ClimateWNA.aspx
http://www.cwma.org/YellowToadflax.html
http://www.cwma.org/Dalmation.html


 

21 
 

Nakamura M, Nakazawa Y, Overton JM, Peterson AT, Phillips SJ, Richardson K, 

Scachetti-Pereira R, Schapire RE, Soberon J, Williams S, Wisz MS, Zimmermann NE 

(2006) Novel methods improve prediction of species' distributions from occurrence data. 

Ecography 29:129-151 

Elith J, Franklin J (2013) Species Distribution Modeling. Encyclopedia of Biodiversity. 6: 692–

705 

Ferdy JB, Austerlitz F (2002) Extinction and introgression in a community of partially cross-

fertile plant species. American Naturalist 160:74-86 

Gaskin JF, Schaal BA (2002) Hybrid Tamarix widespread in US invasion and undetected in 

native Asian range. Proceedings of the National Academy of Sciences of the United 

States of America 99:11256-11259 

Gaston KJ (2003) The structure and dynamics of geographic ranges. Oxford University Press, 

New York 

Geiger JH, Pratt PD, Wheeler GS, Williams AD (2011) Hybrid vigor for the invasive exotic 

Brazilian peppertree (Schinus terebinthifolius Raddi., Anacardiaceae) in 

Florida. International Journal of Plant Sciences, 172(5):655-663 

Guisan A, Zimmermann NE (2000) Predictive habitat distribution models in ecology. Ecol. 

Model. 135:147-186 

Hall RJ, Ayres DR (2009) What can mathematical modeling tell us about hybrid invasions? 

Biological Invasions 11:1217-1224 

Hanski I (1999) Metapopulation Ecology. Oxford Universtiy Press, Oxford UK. 



 

22 
 

Hartl D (1974) 2. Auflage. Pages 73-94 in G. Hegi (D. Hartl and G. Wagenitz, eds.) Illustrierte 

Flora von Mitteleuropa. Bd. VI, l. Teil. Carl Hanser Verlag, Mtinchen, Germany 

Hawkins BA, Field R, Cornell HV, Currie DJ, Guegan JF, Kaufman DM, Kerr JT, Mittelbach 

GG, Oberdorff T, O'Brien EM, Porter EE, Turner JRG (2003) Energy, water, and broad-

scale geographic patterns of species richness. Ecology 84:3105-3117 

Hijmans RJ, Graham CH (2006) The ability of climate envelope models to predict the effect of 

climate change on species distributions. Global Change Biology 12:2272-2281 

Hu XS (2005) Tension versus ecological zones in a two-locus system. Theoretical Population 

Biology 68:119-131 

Kremen C, Cameron A, Moilanen A, Phillips SJ, Thomas CD, Beentje H, Dransfield J, Fisher 

BL, Glaw F, Good TC, Harper GJ, Hijmans RJ, Lees DC, Louis E, Nussbaum RA, 

Raxworthy CJ, Razafimpahanana A, Schatz GE, Vences M, Vieites DR, Wright PC, 

Zjhra ML (2008) Aligning conservation priorities across taxa in Madagascar with high-

resolution planning tools. Science 320:222-226 

Kumar S, Stohlgren TJ (2009) Maxent modeling for predicting suitable habitat for threatened 

and endangered tree Canacomyrica monticola in New Caledonia. Journal of Ecology and 

Natural Science 1:094–098 

Kumar S, Neven LG, Yee WL (2014) Evaluating correlative and mechanistic niche models for 

assessing the risk of pest establishment. Ecosphere 5 

Lacey JR, and Olson BE (1991) Environmental and economic impacts of noxious range 

weeds. Noxious range weeds/edited by Lynn F. James 



 

23 
 

Lajeunesse S (1999) Dalmatian and yellow toadflax. In: R.L. Sheley and J.K. Petroff (eds.) 

Biology and management of noxious rangeland weeds. Oregon State University Press, 

Corvallis:202-216 

Larson SR, DeGroote JP, Bartholomay LC, Sugumaran R (2010) Ecological niche modeling of 

potential West Nile virus vector mosquito species in Iowa. Journal of Insect Science 10 

Lehnhoff EA, Rew LJ, Maxwell BD, Taper ML (2008) Quantifying invasiveness of plants: a test 

case with yellow toadflax (Linaria vulgaris). Invasive Plant Science and Management 1: 

319–325. 

Lestina J, Cook M, Kumar S, Morisette J, Ode PJ, Peairs F (2016) MODIS Imagery Improves 

Pest Risk Assessment: A Case Study of Wheat Stem Sawfly (Cephus cinctus, 

Hymenoptera: Cephidae) in Colorado, USA. Environmental Entomology 45:1343-1351 

LeStrange R (1977) A History of Herbal Plants. London: Angus & Robertson. 

Lowe S, Browne M, Boudjelas S, De Poorter M (2000) 100 of the World's Worst Invasive Alien 

Species - A selection from the Global Invasive Species Database. Published by The 

Invasive Species Specialist Group (ISSG) a specialist group of the Species Survival 

Commission (SSC) of the World Conservation Union (IUCN):12 

Mack RN, Simberloff D, Lonsdale WM, Evans H, Clout M, Bazzaz FA (2000) Biotic invasions: 

Causes, epidemiology, global consequences, and control. Ecological Applications 

10:689-710 



 

24 
 

Markin, GP (2002) Weeds of National Forest Lands of the Northern Rockies. Forest Sciences 

Laboratory, MSU, Bozeman, Montana: USDA Forest Service Rocky Mountain Research 

Station 

Merow C, Smith MJ, Silander JA, Jr. (2013) A practical guide to MaxEnt for modeling species' 

distributions: what it does, and why inputs and settings matter. Ecography 36:1058-1069 

Mitich LW (1993) Intriguing world of weeds. 41. Yellow toadflax. Weed Technology 7:791-793 

Morishita DW (1991) Dalmatian toadflax, yellow toadflax, black henbane, and tansymustard – 

importance, distribution, and control. Noxious Range Weeds:399-407 

Mukherjee A, Williams DA, Wheeler GS, Cuda JP, Pal S, Overholt WA (2011) Brazilian 

peppertree (Schinus terebinthifolius) in Florida and South America: evidence of a 

possible niche shift driven by hybridization. Biological Invasions 14:1415-1430 

Nadeau LB, and King JR (1991) Seed dispersal and seedling establishment of Linaria vulgaris 

Mill. Canadian Journal of Plant Science 71.3:771-782 

O'Donnell J, Gallagher RV, Wilson PD, Downey PO, Hughes L, Leishman MR (2012) Invasion 

hotspots for non-native plants in Australia under current and future climates. Global 

Change Biology 18:617-629 

Osborne JL, Martin AP, Carreck NL, Swain JL, Knight ME, Goulson D, Hale RJ, Sanderson RA 

(2008) Bumblebee flight distances in relation to the forage landscape. Journal of Animal 

Ecology 77:406-415 



 

25 
 

Padalia I, Srivastava V, Kushwaha SPS (2014) Modeling potential invasion range of alien 

invasive species, Hyptis suaveolens (L.) Poit. in India: Comparison of MaxEnt and 

GARP. Ecological Informatics 22:36-43 

Parepa M, Fischer M, Krebs C, Bossdorf O (2014) Hybridization increases invasive knotweed 

success.  Evolutionary Applications 7:413-420 

Pauchard A, Alaback PB, Edlund EG (2003) Plant invasions in protected areas at multiple scales: 

Linaria vulgaris (Scrophulariaceae) in the West Yellowstone area. Western North 

American Naturalist 416-428 

Peterson AT (2003) Predicting the geography of species' invasions via ecological niche 

modeling. The quarterly review of biology 78:419-433 

Phillips SJ, Anderson RP, Schapire RE (2006) Maximum entropy modeling of species 

geographic distributions. Ecol. Model. 190:231-259 

Phillips SJ, Dudik M (2008) Modeling of species distributions with Maxent: new extensions and 

a comprehensive evaluation. Ecography 31:161-175Pimentel D, Zuniga R, Morrison D 

(2005) Update on the environmental and economic costs associated with alien-invasive 

species in the United States. Ecol Econ 52:273-288. 

Pollnac FW, Maxwell BD, Taper ML, Rew LJ (2014) The demography of native and non-native 

plant species in mountain systems: examples in the Greater Yellowstone Ecosystem. 

Population Ecology 56:81-95 

Prentis PJ, Wilson JR, Dormontt EE, Richardson DM, Lowe AJ (2008) Adaptive evolution in 

invasive species. Trends in plant science 13(6):288-294 



 

26 
 

Reed CF, Hughes RO (1970) Selected weeds of the United States. In U.S. Department of 

Agriculture Handbook, Washington, D.C.:326-329 

Robocker WC (1974) Life history, ecology, and control of Dalmatian toadflax. Technical 

Bulletin 79, Washington Agricultural Experiment Station, Washington State University, 

Pullman, WA. 20p 

Salisbury EJ, (1942) The Reproductive Capacity of Plants; Studies in Quantitative Biology. 

London: G. Bell and Sons, Ltd 

Sánchez-Guillén RA, Muñoz J, Rodríguez-Tapia G, Arroyo TPF, Córdoba-Aguilar A (2013) 

Climate-induced range shifts and possible hybridisation consequences in insects. PloS 

one 8(11):e80531 

Sanders RW (1987) Taxonomic significance of chromosome observations in Caribbean species 

of Lantana (Verbenaceae). American journal of botany:914-920 

Sanders RW (2006) Taxonomy of Lantana sect. Lantana (Verbenaceae): I. correct application of 

Lantana camara and associated names. Sida, Contributions to Botany:381-421 

Saner MA, Clements DR, Hall MR, Doohan DJ, Crompton CW (1995) The biology of Canadian 

weeds. 105. Linaria vulgaris Mill. Can J Plant Sci 75:525-537 

Schierenbeck KA, Ellstrand NC (2009) Hybridization and the evolution of invasiveness in plants 

and other organisms. Biological Invasions 11:1093-1105 

Schoonhoven LM, van Loon JJA, Dicke M (2005) Insect-Plant Biology. Oxford University 

Press, Oxford. 



 

27 
 

Sebastian JR, Beck KG (1998) The Influence of Picloram or Picloram Plus 2,4-D Applied for 1, 

2 or 3 Years on Cover, Density and Control of Yellow Toadflax on Colorado Rangeland. 

Research Progress Report. Waikoloa: Western Society of Weed Science:1-24 

Sebastian JR, Beck KG (1999) Yellow Toadflax Control with Metsulfuron, Metsulfuron Tank 

Mixes, Picloram, Quinclorac, 2,4-D, or Dicamba. Research Progress Report. Colorado 

Springs: Western Society of Weed Science:36–37Sing SE, De Clerck-Floate R, Hansen 

RW, Pearce H, Randall CB, Toševski I, Ward SM (2016) Biology and Biological Control 

of Dalmatian and Yellow Toadflax. Morgantown, WV: USDA Forest Service, Forest 

Health Technology Enterprise Team. FHTET-2015-03 

Sing SE and Peterson RK (2011) Assessing environmental risks for established invasive weeds: 

Dalmatian (Linaria dalmatica) and yellow (L. vulgaris) toadflax in North 

America. International journal of environmental research and public health 8(7):2828-

2853 

Soil Grids (2017) Interactive soil data map. https://www.soilgrids.org/ Accessed: May 2, 2017 

Spies JJ (1984) Hybridization potential of Lantana camara (Verbenaceae). Garcia de Orta, Ser. 

Bot, 6(1):145-149 

Stockwell D, Peters D (1999) The GARP modelling system: problems and solutions to 

automated spatial prediction. International Journal of Geographical Information Science 

13:143-158 

Stockwell DRB, Peterson AT (2002) Effects of sample size on accuracy of species distribution 

models. Ecological Modelling 148:1-13 

https://www.soilgrids.org/


 

28 
 

Sutton JR, Stohlgren TJ, Beck KG (2007) Predicting yellow toadflax infestations in the flat tops 

wilderness of Colorado. Biological Invasions 9:783-793 

Tiebre MS, Bizoux JP, Hardy OJ, Bailey JP, Mahy G (2007) Hybridization and morphogenetic 

variation in the invasive alien Fallopia (Polygonaceae) complex in Belgium. American 

Journal of Botany 94:1900-1910 

Turner MFS (2012) Viability and invasive potential of hybrids between yellow toadflax (Linaria 

vulgaris) and Dalmatian toadflax (Linaria dalmatica). Ph.D. dissertation. Fort Collins, 

CO: Colorado State University. 148 p 

USDA (2012) US Department of Agriculture – Cropland Data Layers. 

https://www.nass.usda.gov/Education and_Outreach/Reports, 

Presentations_and_Conferences/Presentations/Ebinger_ESRI13_CDL12.png. Accessed 

May 2, 2017 

USDA PLANTS Database. 2017. National Plant Data Team: Greensboro, NC, USA. 

http://plants.usda.gov Accessed: January 8, 2017 

Vardien W, Richardson DM, Foxcroft LC, Thompson GD, Wilson JRU, Le Roux JJ (2012) 

Invasion dynamics of Lantana camara L.(sensu lato) in South Africa. South African 

Journal of Botany 81:81-94 

Vilà M, Weber E, Antonio CM (2000) Conservation implications of invasion by plant 

hybridization. Biological Invasions 2(3):207-217 

Vujnovic K, Wein RW (1997) The biology of Canadian weeds .106. Linaria dalmatica (L.) Mill. 

Canadian Journal of Plant Science 77:483-491 

https://www.nass.usda.gov/Education
http://plants.usda.gov/


 

29 
 

Wang TL, Hamann A, Spittlehouse DL, Murdock TQ (2012) ClimateWNA-High-Resolution 

Spatial Climate Data for Western North America. Journal of Applied Meteorology and 

Climatology 51:16-29 

Ward SM, Fleischmann CE, Turner MF, Sing SE (2009) Hybridization between Invasive 

Populations of Dalmatian Toadflax (Linaria dalmatica) and Yellow Toadflax (Linaria 

vulgaris). Invasive Plant Science and Management 2:369-378 

Warren DL, Seifert SN (2011) Ecological niche modeling in Maxent: the importance of model 

complexity and the performance of model selection criteria. Ecological Applications 

21:335-342 

Weber E, D'Antonio C M (1999) Germination and growth responses of hybridizing Carpobrotus 

species (Aizoaceae) from coastal California to soil salinity. American Journal of 

Botany 86(9):1257-1263 

West AM, Kumar S, Brown CS, Stohlgren TJ, Bromberg J (2016) Field validation of an invasive 

species Maxent model. Ecological Informatics 36:126-134 

Wilcove DS, Rothstein D, Dubow J, Phillips A, Losos E (1998) Quantifying threats to imperiled 

species in the United States. Bioscience 48:607-615 

Williams WI, Friedman JM, Gaskin JF, Norton AP (2014) Hybridization of an invasive shrub 

affects tolerance and resistance to defoliation by a biological control agent. Evolutionary 

applications 7(3):381-393 



 

30 
 

Wilson LM, Sing SE, Piper GL, Hansen RW, De Clerck-Floate R, MacKinnon DK, Randall C 

(2005) Biology and Biological Control of Dalmatian and Yellow Toadflax. USDA Forest 

Service FHTET-05-13 

WMTF (2008) Montana Noxious Weed Summit Advisory Council – Weed Management Task 

Force. Montana weed management plan. 

http://agr.mt.gov/agr/Producer/Weeds/PDF/2008weedPlan.pdf Accessed: January 8, 2017 

Woodward FI. 1987. Climate and Plant Distribution. Cambridge University Press, Cambridge 

WRCC (2016) Western Regional Climate Center. Climate narratives of the 

state http://www.wrcc.dri.edu/climate-narratives/ Accessed: October 31, 2016 

WWPC (2016) Wyoming Weed and Pest Council. Control act designated weed list. 

http://www.wyoweed.org/weeds/state-designated-weeds Accessed: January 8, 2017 

Xu Z (2015) Potential distribution of invasive alien species in the upper Ili river basin: 

determination and mechanism of bioclimatic variables under climate change. 

Environmental Earth Sciences 73:779-786 

Zalucki MP, Day MD, Playford J (2007) Will biological control of Lantana camara ever 

succeed? Patterns, processes & prospects. Biological Control, 42(3):251-261 

Zilke S (1954) Some aspects of the ecological life history of Linaria vulgaris Hill. M.A. Thesis, 

University of Saskatchewan, Saskatoon, Canada 

  

http://agr.mt.gov/agr/Producer/Weeds/PDF/2008weedPlan.pdf
http://www.wrcc.dri.edu/climate-narratives/
http://www.wyoweed.org/weeds/state-designated-weeds


 

31 
 

Chapter Two: Using Ecological Niche Modeling to Identify the Potential Range of Novel 

Invasive Toadflax Genotypes in the U.S. Northern Rockies1 

1Overview 

Dalmatian and yellow toadflax are both aggressively invasive weeds throughout the 

Intermountain West. The timely development of methods that accurately predict and efficiently 

detect the occurrence of their vigorous and fertile hybrid progeny is therefore critical. Generating 

model-based maps of potential toadflax genotype distributions will allow weed and land 

managers to maximize limited resources for locating and controlling these invaders. We used 

ecological niche modeling to identify environmentally suitable areas for these toadflax taxa in 

Montana, Wyoming, and Colorado. Areas at high risk of hybrid invasion were identified based 

on: a) known hybrid occurrence and associated environmental conditions; b) zones 

environmentally suitable for co-occurrence of the parental species; and c) areas common to both 

a) and b). These techniques allow comparison of different model outputs, especially relevant to 

modeling emerging invasives, such as novel hybrids, with minimal occurrence data. Areas 

identified through modeling approaches indicate where the risk of hybrid toadflax invasion is 

greatest, including parts of north central Montana where model output predicted the hybrid may 

spread without prior confirmed co-invasion of the parental taxa. Hybridization hot spots were 

predicted for western Montana; northwestern, northeastern, and southeastern Wyoming; and the 

Western Slope and Front Range of Colorado. Despite relatively few confirmed occurrences of 

hybrid toadflax to date, our model outputs indicate that hybridization is likely to be widespread 
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in the studied area. Identifying areas of probable toadflax occurrence, especially areas at risk of 

hybrid invasion, will raise awareness of hybrid toadflax among land and weed managers, and 

enable them to more efficiently direct resources to scouting and appropriate control. 

Management Implications  

Dalmatian and yellow toadflax are long-lived and difficult to control non-native 

perennials found throughout much of North America. Both toadflaxes are aggressive invaders in 

western states, forming persistent colonies through creeping root spread and seed production. 

Hybrids of Dalmatian and yellow toadflax have greater growth and reproductive potential than 

either of the parental species, making them potentially more successful invaders. In this study, 

we modeled environmental suitability for all three toadflax taxa and mapped areas at risk of 

hybrid toadflax invasion in Montana, Wyoming, and Colorado. The locations of few hybrid 

toadflax populations have been confirmed to date; however, our model output shows the 

potential for widespread hybrid invasion. This modeling study will help managers identify areas 

where hybrid toadflax is most likely to occur and will allow them to direct limited resources 

more effectively to scouting for and controlling it. Raising awareness of hybrid toadflax and its 

potential geographic distribution is the fundamental initial step to improved management of this 

invasive threat. 

Introduction 

Invasive plants disrupt native plant communities primarily via resource competition, and 

potentially through habitat modification that renders it less suitable for native and other desirable 

species (D’Antonio et al. 2004; Wilcove et al. 1998; Hall and Ayres 2009). Invasive plants and 

animals cost the United States (U.S.) an estimated $120 billion per year from environmental 

impacts and management efforts (Pimentel et al. 2005). Hybridization may increase the threat of 
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invasion by evolving fitter genotypes that can outcompete and displace the parental species in the 

invaded habitat: reported examples include Spartina (Ort and Thornton 2016), Fallopia (Parepa 

et al. 2014), and Typha (Zapfe and Freeland 2015). Additionally, hybrids may present the 

management challenge of correct target identification due to minimal morphological differences 

between hybrids and their parental taxa (Boswell et al. 2016; Olson et al. 2009) and a sparse 

distribution of emerging hybrid populations. Public managed lands in the United States such as 

national parks and national forests commonly lack staffing and funding resources to adequately 

search for species of concern. Thus, incipient populations often remain undetected until 

invasions become widespread and dominant (Mack et al. 2000; Maxwell et al. 2012; Rauber et 

al. 2016). Accurate spatial predictions of invasion, such as those generated by computer 

modeling, can provide a valuable management tool to reduce invader impacts before eradication 

of the species becomes unfeasible or prohibitively expensive (Koncki and Aronson 2015). 

Dalmatian toadflax (Linaria dalmatica (L.) Mill.), yellow toadflax (Linaria vulgaris 

Mill.) and their hybrids (HT) are invasive plants in the U.S. Intermountain West and other 

regions of North America. Dalmatian toadflax (DT) is native to the Mediterranean (Alex 1962) 

and was introduced to the U.S. in the late 1800s (Vujnovic and Wein 1997). DT is classified as a 

noxious weed in seven states (USDA NRCS 2017). The native range of yellow toadflax (YT) is 

temperate Eurasia and it was brought to the eastern U.S. in the late 1600s (Mack 2003; Boswell 

et al. 2016). YT has invaded the lower 48 states, Alaska, and nine Canadian provinces and is 

listed as a noxious weed in eight states (USDA NRCS 2017). The native ranges of DT and YT 

do not overlap and hybridization between these congeners has not been reported in Eurasia 

(Sutton 1988). DT and YT are perennial forbs that usually colonize disturbed areas (Arnold 

1982; Vujnovic and Wein 1997) though YT has also invaded intact native plant communities in 
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high-elevation wilderness areas (Sutton et al. 2007). These toadflax species are obligate out-

crossers that can spread via roots and rhizomes (Saner et al. 1995; Vujnovic and Wein 1997), and 

both have high levels of intraspecific genetic diversity (Brown 2008; Ward et al. 2008; Boswell 

et al. 2016). 

Hybridization is now recognized as a significant facilitator of plant invasion 

(Schierenbeck and Ellstrand 2009) and as a threat to native genotypes (Rhymer and Simberloff 

1996). It is unknown when gene flow between DT and YT first occurred in our study area of 

Montana, Wyoming, and Colorado; these toadflax hybrids were confirmed relatively recently 

(Ward et al. 2009) and may be more widespread in plant communities, possibly for longer than 

previously realized (Boswell et al. 2016). Early generation hybrids between DT and YT produce 

vigorous and fertile progeny that are often morphologically distinct from either parental taxon. 

Hybridization of these parental species is of concern because both DT and YT are individually 

highly invasive, and their heterotic progeny are likely to be even more aggressively invasive. In a 

series of common garden experiments, hybrid toadflax genotypes outperformed the parental taxa 

across multiple vegetative and reproductive traits (Turner 2012). Additional consequences of 

toadflax hybridization include biological and ecological changes, as well as management 

challenges. Hybridization between DT and YT results in novel genetic recombination on which 

selection can act, with potential outcomes including HT displacing one or both parental species, 

and expansion of HT genotypes with greater ecological amplitude into areas previously 

uninvaded by toadflax. This could result in increasing difficulty in managing HT with currently 

available chemical and biological controls (Sing et al. 2016), which increases the importance of 

early detection and implementation of appropriate management of HT populations. 
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To maximize effective control strategies, resource managers benefit from environmental 

suitability maps that predict the distribution of invading species. These maps are a product of 

ecological niche modeling (also known as species distribution modeling or bioclimatic envelope 

modeling). Ongoing advancements in geographic information systems (GIS) and greater 

availability of modeling algorithms and detailed geospatial environmental data, including remote 

sensing data, have led to the use of ecological niche modeling for numerous applications in 

ecological research (Peterson et al. 2011; Jarnevich et al. 2015). Modeling aids assessment of 

future areas of invasion because requisite data can be obtained relatively quickly and models 

have also been shown to accurately predict future invasion areas (Jarnevich et al. 2010; Koncki 

and Aronson 2015). Ecological niche models empirically relate species occurrence data and 

environmental variables to create environmental suitability maps for a defined area (Bradley et 

al. 2012; Rauber et al. 2016). These models also identify the most significant environmental 

conditions contributing to the distribution of a species. Early detection of infestations is more 

effective when supported by knowledge of conditions that promote species invasions (Bradley 

and Marvin 2011). 

MaxEnt modeling uses a machine-learning method to calculate the distribution of 

maximum entropy and estimate the probability of species presence throughout a delineated study 

area (Philips et al. 2006). It is notably well suited for species with a small number of occurrence 

records, as with HT in this study (Benito et al. 2009; Lopez-Alvarez et al. 2015), due to its 

regularization procedure that prevents over-fitting such models (Phillips et al. 2006; Hernandez 

et al. 2006). MaxEnt is the most commonly used ecological niche modeling application for 

inferring species distributions, niches, and environmental tolerances (Warren and Seifert 2011). 
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 This research used MaxEnt modeling plus GIS processing to identify areas vulnerable to 

toadflax invasion in Montana, Wyoming, and Colorado. The objectives were to: 1) identify the  

most important contributing environmental variables associated with Dalmatian, yellow, and 

hybrid toadflax distributions; 2) create environmental suitability maps for these three toadflax 

taxa; 3) create an overlay and a hot spot map predicting areas most at risk for hybrid toadflax 

occurrence; and 4) compare two modeling approaches by measuring the degree of agreement 

between the hybrid toadflax environmental suitability map and the overlay prediction map.  

 Materials and Methods 

Study Area. Our study area consisted of the states of Montana, Wyoming, and Colorado, 

selected to provide a sample of DT and YT occurrence data across a region of management 

interest. Geographic features of the study area include the western Continental Divide traversing 

the Rocky Mountains. This mountain range encompasses significant elevation differences and 

geographic variation, driving considerable variation in local climatic conditions. East of the 

range are plains regions in all three states, characterized by lower elevations, higher mean 

temperatures, and a longer growing season (WRCC 2016). Elevation in the study area ranges 

from 550 – 4400 m (1800 to 14,433 feet), contributing to a heterogeneous climate. The clay 

content in soils also varies – approximately 5% in northwestern Montana up to nearly 60% east 

of the Rockies, also in Montana (SoilGrids 2017). Across the area, clay content is typically lower 

in the mountains and higher at lower elevations. Annual precipitation is heterogeneous 

throughout the three-state area as well, ranging from highs of approximately 290 cm in the 

mountains to lows of less than 14 cm in southwestern Wyoming and southcentral Colorado 

(ClimateWNA 2017). The most prevalent land uses and land cover in our study area are 
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coniferous forest, grazed rangelands, farming, and developed urban locations, representing a 

broad array of ecosystems and plant communities (USDA 2012). 

Toadflax Occurrence Data. Occurrence data for YT, DT and HT were obtained from seven 

online herbaria accessed between November 22 and December 13, 2016: Rocky Mountain 

Herbarium (https://www-lib.uwyo.edu/digitalherbaria/index.php), SEINet 

(http://swbiodiversity.org/seinet/collections/download/index.php), Consortium of Pacific 

Northwest Herbaria (http://www.pnwherbaria.org/), Global Biodiversity Information Facility 

(www.gbif.org), Early Detection and Distribution Mapping System (http://www.eddmaps.org/), 

University of Colorado (http://www.colorado.edu/cumuseum/research-collections/botany-

section-university-herbarium-colo), and iDigBio (http://www.idigbio.org). Occurrence data were 

also provided by individual contributors ranging from county weed managers to federal agency 

regional managers throughout the three-state area. Twenty individuals contributed occurrence 

data for DT and 18 for YT, but only three for HT, indicative of low levels of recognition of the 

hybrid taxon and likely less knowledge of its prevalence (occurrence maps for each taxon 

provided as Supplemental Figures 1, 2, and 3). 

After acquiring occurrence data for all taxa, we executed a spatial filtering step to reduce 

spatial autocorrelation (Brown 2014). Filtering methods outperform unfiltered methods in 

correcting for sampling bias, which increases spatial autocorrelation and may lead to overfit 

models with falsely high-performance values (Boria et al. 2014). The spatial filtering step was 

performed using the “Spatially Rarefy Occurrence Data” tool in SDMtoolbox (Brown 2014) in 

ArcGIS 10.2 (http://www.esri.com/arcgis/). This step eliminated duplicate points clustered 

within a radius, which was set to 3 km, to prevent statistically over-weighting a clustered region. 

https://www-lib.uwyo.edu/digitalherbaria/index.php
http://swbiodiversity.org/seinet/collections/download/index.php
http://www.pnwherbaria.org/
http://www.gbif.org/
http://www.eddmaps.org/
http://www.colorado.edu/cumuseum/research-collections/botany-section-university-herbarium-colo
http://www.colorado.edu/cumuseum/research-collections/botany-section-university-herbarium-colo
http://www.idigbio.org/
http://www.esri.com/arcgis/
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When filtering was complete, 1024 points remained for DT, 1159 for YT, and 32 for HT; these 

occurrence data were inputs for the subsequent modeling process. 

Occurrence location bias was addressed by creating a bias layer using the “Gaussian 

Kernel Density” tool in SDMtoolbox (Brown 2014). The bias layer down-weights the 

importance of occurrence points in areas with a greater number of samples (Elith et al. 2010). 

This corrects for potential sampling bias and mitigates clumping resulting from more prevalent 

occurrence data from areas that are of greater botanical interest or exposed to more human 

activity.  For example, our original data set included multiple reports of toadflax occurrence for 

the Greater Yellowstone Area and the Colorado Front Range, but dropped because they were 

known to be associated with increased human observation in these two areas, compared to other 

parts of our study area.   

Environmental Variables. Based on the biological and ecological characteristics of toadflax 

described above, we evaluated 73 environmental variables in the form of geographic information 

system (GIS) layers as possible distribution predictors (Table 1). These variables are categorized 

by climate, land use and land cover, phenology metrics, soils, topography, and remote-sensing-

derived vegetation indices. The spatial resolution for all GIS layers was 1 km2 and Albers Equal 

Area Conic was the coordinate system used. Some layers required resampling to conform to 1 

km2 spatial resolution (Supplemental Table 1). 

We downloaded and processed climate data using ClimateWNA (Climate Western North 

America) v5.30 (Wang et al. 2012; http://cfcg.forestry.ubc.ca/projects/climate-

data/climatebcwna/). Decadal, seasonal and annual data for 1991 – 2000 and 2001 – 2010 were 

obtained for the study area. An R script was created to average the two decadal layers for each 

variable to generate twenty-year mean layers. Consideration of 47 climatic variables increases 
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the accuracy of the final model relative to other common approaches (e.g. the 19 PRISM 

BioClim variables). 

We then incorporated a land use and land cover layer for 2011 from the National Land 

Cover Database provided by the Multi-Resolution Land Characteristics Consortium (Homer et 

al. 2015). This national layer was clipped to our study area following recommended protocols 

(http://www.mrlc.gov/faq_lc.php). 

The phenology metrics and the vegetation drought response index (VegDRI) were 

downloaded from the United States Geological Survey (USGS) Earth Explorer web application 

(http://earthexplorer.usgs.gov/). These data are collected from the Moderate Resolution Imaging 

Spectroradiometer (MODIS) sensor on the National Aeronautics and Space Administration 

(NASA) Terra Satellite. VegDRI weekly data were downloaded for 2010 – 2015; phenology 

metrics annual data were downloaded for 2010 – 2014 (2015 data were unavailable when 

modeling was performed). We calculated the mean and standard deviation layers for the VegDRI 

and phenology metrics layers. The annual data were used to create multiyear mean and standard 

deviation layers. For example, the five years of VegDRI mean layers were averaged into a single 

layer representing the multiyear mean. 

Soils data were downloaded from the World Soil Information site in the SoilGrids 

collection (SoilGrids 2017). Clay percentage at depths of 0-5 cm and 5-15 cm were used as 

variables in modeling. 

We then used Earth Explorer to download the Global 30 Arc-Second Elevation 

GTOPO30 Digital Elevation Model (DEM) product (https://lta.cr.usgs.gov/GTOPO30). These 

data were analyzed in ArcGIS 10.2 to create layers for slope and aspect. The Euclidean distance 

http://www.mrlc.gov/faq_lc.php
http://earthexplorer.usgs.gov/
https://lta.cr.usgs.gov/GTOPO30
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from water layer was constructed from this DEM and vector water body data for the study area 

obtained from Earth Explorer (http://earthexplorer.usgs.gov/). 

Lastly, we retrieved the normalized difference vegetation index (NDVI) and enhanced 

vegetation index (EVI) products (MOD13A3 Vegetation Indices Monthly 1km) from the online 

MODIS Re-projection Tool (https://mrtweb.cr.usgs.gov/). These products were obtained for each 

month from 2010 to 2015. The NDVI and EVI data were handled in the same manner as the 

phenology and VegDRI data, to create multiyear mean and standard deviation layers. 

Ecological Niche Modeling and Environmental Suitability Maps. Given its improved 

performance in predicting potential distributions compared to other modeling techniques (Philips 

and Dudik 2008), we chose Maximum Entropy Modeling or MaxEnt (version 3.3.3k; 

https://www.cs.princeton.edu/~schapire/maxent/; Phillips et al. 2006) to create environmental 

suitability maps. The entire MaxEnt modeling process was performed once for each toadflax 

taxon. 

The variable selection process was performed incrementally using layers from each group 

of environmental variables to determine which layers significantly contributed to taxon-specific 

predicted distributions. The “jackknife” and “response curve” outputs of MaxEnt, along with 

knowledge of the taxon’s biology, were used to rank the importance of each variable to the 

respective model. After cross-correlations were assessed between environmental variables only 

one variable from each group of highly correlated variables was retained (Pearson correlation 

coefficient |r| ≥ 0.75) in the go-forward models (Lestina et al. 2016). After variable(s) with the 

most significant contribution to the model from one group were identified, we added the next 

group of variables. The determination process was repeated until the highest-contributing 

http://earthexplorer.usgs.gov/
https://mrtweb.cr.usgs.gov/
https://www.cs.princeton.edu/~schapire/maxent/
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variables for the current group were found, then the next group was added, and so on until the 

final suite of variables was selected (Table 2). 

Models were averaged across 10 replicates using the 10-fold cross-validation procedure 

in MaxEnt. We evaluated model performance using the area under the receiver operating 

characteristic curve (AUC). AUC measures the probability that a random presence point in the 

study area is ranked above background (or pseudo-absence) points (Philips et al. 2008). The 

AUC value is a common metric to assess MaxEnt models, with the benchmark value of 0.8 

representing a highly accurate model. We also assessed our models by comparing 0% and 10% 

training presence test omission rates. A zero percent omission rate indicates that all the training 

presence locations were found within the predicted suitable environment, with 10% omission 

rates indicating that 10% of training presence locations lie beyond the predicted taxon-specific 

suitable environment (Liu et al. 2013). The default settings in MaxEnt do not always produce the 

best predictions (Merow et al. 2013; Kumar et al. 2014); accordingly, MaxEnt was executed with 

varying feature types and regularization multipliers (specifically, 1, 1.5, 2, 2.5, and 3). We 

calculated the Akaike’s information criterion (corrected for small sample size: AICc) using 

environmental niche modeling tools or ENMTools (Warren et al. 2010). AICc values were 

determined for models with various settings to select the model with optimal features and 

regularization multiplier as the final model (Supplemental Tables 2, 3, 4). 

Predicting Hybrid Occurrence. We used two different modeling approaches to predict HT 

environmental suitability: first, the HT MaxEnt model based on environmental parameters for 

currently known HT locations, and second, a map overlay of predicted DT and YT distributions 

used to predict hybridization zones. The HT MaxEnt model was created with the inputs of taxon 

occurrence data and candidate environmental variables – the same method used for predicting 
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the DT and YT environmental suitability. The results of this method were then compared with 

overlay results. The MaxEnt model output had a threshold applied to produce a binary map – 

areas where HT is and is not expected. For the overlay map, the process involved the following 

steps, with the first two steps performed for both DT and YT. First, in ArcGIS we converted the 

final average ASCII file created by MaxEnt into a grid raster with the “ASCII to Raster” tool. 

Second, we reclassified these grid rasters to threshold classification maps, using the “10 

percentile training presence logistic threshold” from MaxEnt results (Carter and Young 2011). 

The values used for this threshold from MaxEnt outputs were: DT = 0.4722 and YT = 0.4762. 

This classification results in an area that encompasses the probability of the 90% most accurate 

occurrence points. This step reduced the environmental suitability map to two classifications – 

suitable and unsuitable. Third, we added the classification maps together using the “Raster 

Calculator” tool. The resultant map contained four values describing the environment as: 1) 

unsuitable for both taxa 2) suitable for DT only 3) suitable for YT only and 4) suitable for both 

taxa and therefore suitable for HT. This overlay approach stems from the biological assumption 

that co-invasion of DT and YT is the best predictor for HT occurrence. 

 Completion of these steps made it possible to generate a hot spots map for HT using 

classified areas with a threshold applied for: 1) the MaxEnt HT environmental suitability map, 

applying the same threshold variable with value for HT of 0.2771, and 2) the overlay map. The 

HT hot spots map shows classes of suitability for these two areas as well as the combined area, 

i.e., where both the MaxEnt and overlay map predicted HT suitability. 

Statistical Analysis. A principal component analysis (PCA) of extracted data was performed to 

discriminate DT and YT in environmental space (Green 1971; Austin and Smith 1989). An R 

script was used (Broennimann et al. 2012) to generate a graphical depiction of environmental-
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space overlap. To evaluate the similarity of quantity and similarity of locations between the HT 

MaxEnt environmental suitability binary map (i.e. threshold applied to give values of 0 or 1) and 

the HT zone of the overlay map, we used the Kappa statistic tool in the Map Comparison Kit 

(Visser and de Nijs 2006; West et al. 2016). 

Handling Uncertainty in Modeling. Uncertainties arise from various sources when utilizing 

presence-only or presence-background modeling techniques to predict environmental suitability 

for a species, including sampling bias, spatial autocorrelation, multicollinearity between 

environmental variables, temporal resolution of data, and modeling techniques (Guisan et al. 

2007a,b; Veloz 2009; Syfert et al. 2013). We addressed sampling bias prior to modeling using 

the “Gaussian Kernel Density of Sampling Locations” tool in SDMtoolbox to create a bias file 

which facilitates control of background point selection. However, sampling bias in the field may 

also occur when HT infestations are incorrectly reported as DT; this is an easy mistake to make 

(S Sing, personal observation). Rarefying presence points addressed spatial autocorrelations to 

the limit used (i.e., 3km). Multicollinearity between environmental variables was handled 

throughout the modeling process by producing the correlations table and evaluating highly 

correlated variables during variable selection. The climatic variables were derived from decadal 

averages from the ClimateWNA application for the years of 1991-2010, though occurrence data 

ranged from 1913 to 2016. The temporal differences between these datasets causes uncertainties 

as the climatic conditions may not accurately represent the conditions that toadflax populations 

experienced when they were surveyed (Lestina et al. 2016). Assessing the risk of toadflax 

invasion may be perceived as limited with the modeling techniques we used; such a limitation 

could be overcome by ensemble modeling. 
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Results and Discussion 

Model Performance. Model assessments fell into three categories: area under the receiver 

operating characteristic curve (AUC), principal component analysis, and the Kappa statistic. Our 

AUC metrics were all near the benchmark: DT 0.762, YT 0.810, and HT 0.853 (Table 2). Model 

selection was based on the AICc process that identified MaxEnt settings yielding the optimal 

level of complexity when considering the biology of each taxon and environmental suitability 

predictions (see Tables 2, 3, and 4). The PCA showed significant overlap of the environmental 

envelopes of DT and YT (Supplemental Figure 4). This aligns well with the commonalities in 

environmental variables, as discussed below. When comparing the predicted hot spots for HT 

occurrence, between the HT environmental suitability binary map and the HT zone of the 

overlay map (Supplemental Figure 5) the Kappa statistic was 0.261, implying a low degree of 

similarity. This emphasizes the importance of using more than one modeling approach for an 

emerging taxon such as HT where few occurrence points are known. Mapped results are 

consistent with known biological and ecological characteristics of the three toadflax taxa, except 

for one area in northeast Wyoming which is discussed below.    

Environmental Variables. The top three environmental variables (Table 3) contributing to the 

DT model were summer mean maximum temperature (25.7% relative contribution to the 

MaxEnt mathematical model), elevation (25.4%), and land use and land cover (16.7%). 

Originating from the dry climate of the Mediterranean, DT prefers warm summer temperatures 

with mean daytime highs ranging from 22 to 32° C based on model results. The model also 

showed that DT favors elevations below 2800 m, where temperatures are warmer. DT 

overwinters above ground as a vegetative rosette, which potentially restricts it to lower 

elevations where it is not exposed to extreme winter cold. Regarding land use and land cover, DT 
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was modeled as most likely to occur in open vegetated areas dominated by grasses, and areas 

that had reduced vegetation but with more roads or other human-created disturbances, which 

may reflect the level of disturbance favored to facilitate invasion. For YT, the most significant 

environmental variables were autumn (September – November) mean maximum temperature 

(24.7%), land use and land cover (21.3%), and mean NDVI (20.6%). YT flowers and continues 

growing later in the year than DT and is best suited to sites with mid-range autumn temperatures 

similar to those found in its native range of temperate Eurasia (in our study area, mean daytime 

highs of 8 – 20° C according to the model). Unlike DT, YT overwinters below ground, allowing 

it to survive colder winter temperatures at higher elevations than DT. YT also adapts to a greater 

diversity of land cover types than DT, ranging from grassy areas to those with more roads or 

human-created disturbances than DT, consistent with its invaded range throughout nearly all 

North America. Higher mean NDVI is associated with YT occurrence, possibly because abiotic 

conditions that will make vegetation greener, notably higher moisture, are preferred by YT. 

Lastly, for HT, we found number of frost-free days throughout the growing season (47.1%), end-

of-season NDVI (22.2%), and summer (June – August) precipitation (17.6%) to be the highest 

contributing environmental variables to the model. Given that the hybrid may combine 

ecophysiological and phenological traits from both parental taxa (Turner 2012) it is possible that 

like DT it favors sites with warm summers, and like YT, where it can exploit higher summer 

precipitation and a later growing season.  

Predicted Invasive Ranges for Dalmatian Toadflax and Yellow Toadflax. The MaxEnt 

model-generated environmental suitability map for DT predicts large areas of western Montana, 

northwestern and eastern Wyoming, and the northeastern plus lower elevation parts of the 

Western Slope and Front Range of Colorado as suitable environment (Figure 1). These coincide 
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with lower elevation areas with higher temperatures, as enumerated by the significant 

environmental variables. For YT, suitable habitat was identified in western Montana, 

northwestern and southeastern Wyoming, and Colorado west of the Front Range (Figure 1). 

Areas with higher elevations, higher moisture, and lower temperatures are shown as more 

suitable for YT, also in line with our predictive YT environmental variables.  

The model identified several areas as suitable habitat for both DT and YT, though 

occurrence data for these locations were sparse or lacking (see Supplemental Figures 1 and 2 for 

mapped occurrence points). These areas included the Black Hills region in northeast Wyoming, 

the southwest corner of Wyoming west of the Red Desert, and large parts of northwestern 

Colorado. Either YT and DT occur more widely in these areas but have been under-reported 

(presence), these toadflaxes have yet to spread extensively (absence), or the modeling methods 

were incorrect. The possibilities of greater parental species occurrence or lack of spread should 

be considered by managers as they identify at-risk areas for toadflax establishment and survey 

these areas accordingly.   

Predicted Invasive Range for Hybrid Toadflax. As described earlier, we used two different 

modeling approaches to predict the invasive range for HT within our study area. The overlay 

map (Figure 2) combines the results of the DT and YT environmental suitability maps to identify 

areas at risk for HT. This approach assumes that HT invasion is driven by co-occurrence of DT 

and YT, with subsequent gene flow between them and formation of a hybrid zone. Invasion 

predictions based on the overlay map therefore exclude the possibility of HT introduction via 

seed movement from an established HT population elsewhere. A further limitation of the overlay 

map is that it is based on the threshold values to produce binary suitability throughout the study 

area; in fact, habitat suitability is more accurately considered as a continuum and therefore the 
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overlay rendering represents a generalization. However, for the purposes of our modeling, 

constructing the overlay is informative despite these limitations as it identifies areas where co-

occurrence of the parental taxa and generation of novel HT populations is likely. The overlay 

map in Figure 2 highlights these at-risk areas. They include large parts of western Montana; in 

Wyoming the Black Hills region, the Laramie and Medicine Bow mountain ranges and the 

foothills of the Big Horn and Wind River mountain ranges; and in Colorado the Front Range and 

much of the Western Slope. 

As an alternative modeling approach, we used MaxEnt to generate an environmental 

suitability map for HT using locations of known HT populations and associated environmental 

variables. The resulting map (Figure 2) predicts more limited HT occurrence than the overlay 

map, with approximately half the study area identified as being of low environmental suitability.  

This is likely the result of the low number of occurrence points (n=32) used to generate the 

environmental suitability map. With fewer occurrence points, a smaller climatic and 

environmental range is deemed hospitable, and the HT environmental suitability map in Figure 2 

should therefore be considered a conservative, or short term, prediction. The area modeled as 

suitable HT environment includes several national parks, wilderness areas and Native American 

reservations (Supplemental Figure 6).  These present management challenges discussed below.    

Figure 2 also shows much of central Montana and part of north central Wyoming 

identified by the model as suitable habitat for HT, even though neither parental taxon has been 

reported there; these regions are mapped in yellow in Figure 3. Heavier clay soils in north central 

Wyoming could make this region inhospitable for toadflax (J Sutton, Grouse Mountain 

Environmental Consultants, personal communication). However, genetic recombination can 

expand the ecological amplitude of novel hybrids beyond that of either parental species (Milne 



 

48 
 

and Abbott 2000; Turner 2012), potentially allowing HT populations to invade a wider range of 

environments than YT or DT. The following scenarios could result in HT establishment in an 

area where neither parental species is found: transport of HT seed by biotic (wildlife, livestock or 

birds) or abiotic (water, wind) agents; progenitor elimination by a biocontrol or herbicide 

ineffective on the hybrid, allowing HT to persist alone; or HT establishment via heterosis (i.e. 

hybrid vigor) resulting in its spread, dominance and displacement of YT and DT. The potential 

for such HT establishment should raise a red flag for managers because an HT expansion in such 

an area presents the challenge of recognizing and controlling HT before it becomes less feasible 

to eradicate.  

The overlay map and the environmental suitability map have predicted areas of HT 

occurrence in common (Figure 2). This shows strength in either approach, and that the MaxEnt 

model for HT performed well despite the low number of occurrence points available for model 

input.  By combining the two model outputs we can most accurately visualize the predicted areas 

of HT occurrence common to both models: Figure 3 shows these areas in red. These are hot spots 

at high risk of HT invasion as predicted by both the HT environmental suitability map and the 

overlay map. The highest risk areas are western Montana, the Black Hills region, the Laramie 

Range in southeast Wyoming, plus the Front Range and parts of the Western Slope of Colorado. 

It is possible to generate a hot spots map for a smaller area, such as a county, within the three 

states; however, doing so requires rerunning the modeling step using test data and environmental 

variables only from that area to prevent potential loss of reliability and prediction accuracy 

(Kumar et al. 2014). The potential toadflax distributions could be altered by projected climate 

change for the study area, and this subject is a candidate for future research. 
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Based on identified hot spots, field crews may be able to identify and treat HT invasions; 

though investigations of herbicide and biocontrol treatments for HT are ongoing, results are 

preliminary so management recommendations are still pending. Herbicide treatments are 

however often a last resort option in national parks, wilderness areas, and on Native American 

reservations (Supplemental Figure 6) where options for their use and application can be delayed 

or obstructed by public relations or regulatory issues. Two species of stem-boring weevils – 

Mecinus janthiniformis Tosevski & Caldara, and Mecinus heydenii Wencker – attack HT under 

greenhouse conditions (S Sing, personal observation) but field impact is so far unknown. 

Successful biocontrol or herbicide treatments on DT and YT in the presence of HT may select 

for resistant HT by eliminating the parental species, hence the need for ongoing research to 

identify effective HT-specific chemical and biological controls. The risk of unchecked HT 

spread becomes increasingly elevated if HT is unaffected by control measures and no longer 

subjected to competition with its progenitors. 

 Our results provide weed and land managers insight into favorable conditions and 

predicted environmental suitability and distributions for three invasive toadflax taxa in the U.S. 

Northern Rockies. This is the first study of the potential geographic distribution of HT, which 

appears to be the most aggressive invader among these three weedy toadflax taxa (Turner 2012). 

We aim to raise awareness among managers about the risks associated with HT and the areas in 

which high priority needs to be given to controlling invasive toadflax. Identifying areas of 

hybrid-only invasion in the field could lead to greater understanding of the conditions enabling 

such invasions to establish and persist. With that knowledge, managers and field crews may have 

a higher awareness of where to find HT and to plan early detection and rapid response programs 
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accordingly. The emergence of invasive hybrid plants will remain an ongoing phenomenon – one 

that weed and land managers can better control with the aid of modeled suitability predictions. 
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 Tables 

Table 1. Name and description for environmental variables selected to model environmental suitability for Dalmatian, yellow, and 
hybrid toadflax in Montana, Wyoming, and Colorado. A seasonal variable is suffixed by * and implies four variables – winter, spring, 
summer, and autumn. 

Variable Description Variable Description 

Climate 

MAT Mean annual temperature (°C) MWMT Mean warmest month temperature (°C) 

MCMT Mean coldest month temperature (°C) TD 
Temperature difference between MWMT and MCMT, or 

continentality (°C) 

NFFD The number of frost-free days  FFP Frost-free period  

bFFP The day of the year on which FFP begins eFFP The day of the year on which FFP ends  

Tave* Seasonal mean temperature (°C) Tmax* Seasonal mean maximum temperature (°C) 

Tmin* Seasonal mean minimum temperature (°C)  DD_0* Seasonal degree-days below 0°C 

DD18* Seasonal degree-days above 18°C NFFD* Seasonal number of frost-free days 

MAP Mean annual precipitation (mm) MSP Mean annual summer (May to Sept.) precipitation (mm) 

AHM Annual heat-moisture index  SHM Summer heat-moisture index  
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PAS 

Precipitation as snow (mm) between August in previou

year and July in current year 
Eref Hargreaves reference evaporation (mm) 

CMD Hargreaves climatic moisture deficit (mm) PPT* Seasonal precipitation (mm) 

PAS* Winter and spring precipitation as snow  (mm) MAR Mean annual solar radiation (MJ m‐2 d‐1) 

RH Mean annual relative humidity (%)    

Land use and land cover 

luc Land use and land cover   

Phenology metrics 

AMP 

Amplitude - Maximum increase in canopy 

photosynthetic activity above the baseline (scaled 

NDVI). 

EOSN 
End of Season NDVI - Level of photosynthetic activity at the 

end of measurable photosynthesis (NDVI value). 

MAXN 

Maximum NDVI - Maximum level of 

photosynthetic activity in the canopy (NDVI 

value). 

SOSN 
Start of Season NDVI - Level of photosynthetic activity at the 

beginning of measurable photosynthesis (NDVI value). 
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TIN 

Time-Integrated NDVI - Canopy photosynthetic 

activity across the entire growing season 

(interpolated NDVI). 

  

Soils 

%clay_0-

5cm 
Proportion of clay in the soil at 0-5 cm depth 

%clay_5-

15cm 
Proportion of clay in the soil at 5-15 cm depth 

Topography 

slope The percent slope of each cell aspect The compass direction (in degrees) the slope faces in each cell 

Euclidean 

distance to 

water 

Straight-line distance from a cell to a water source 

  

Vegetation Indices 

NDVI Mean of NDVI data for 2010 - 2015  NDVI SD Standard deviation of NDVI data for 2010 - 2015  

EVI Mean of EVI data for 2010 - 2015 EVI SD Standard deviation of EVI data for 2010 - 2015 

VegDRI 

 

Mean of the annual means of VegDRI data from 

2010 – 2015  

VegDRI 

SD 

Standard deviation of the VegDRI data from 2010 – 2015  
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Table 2. Summary of final ecological niche models for Dalmatian (DT), yellow (YT), and hybrid toadflax (HT).  

Model Description MaxEnt 
Settings* 

Model Evaluation 

 
 
 

Model 

 
No. of 
occurr
-ence 
data 

points 

  
 
 

Most significant environmental variables 

 
 

No. of 
varia-
bles 

 
 
 

Features 

 
 
 

β 

 
Average 

test 
AUC 

 
Minimum 
training 
presence 

test 
omission 

 
10 

percentile 
training 
presence 

test 
omission 

DT 1024 max summer temp., elevation, land 

use/cover, continentality, NDVI^ mean, 

% clay 5-15cm, winter ppt., annual heat-

moisture index 

8 LQTH 2 0.762 0.002 0.1186 

YT 1159 max autumn temp., land use/cover, 

NDVI mean, winter ppt., % clay 5-15cm, 

summer degree days above 18°C, slope 

7 LQTH 1.5 0.810 0.0026 0.1209 

HT 32 summer number of frost free days, end of 

season NDVI std. dev., summer ppt., 

slope 

4 LQH 1.5 0.853 0.0667 0.1 

*MaxEnt settings are linear (L), quadratic (Q), product (P), threshold (T), and hinge (H) features; β is the regularization multiplier; 

AUC is area under the received characteristic curve; ^NDVI is normalized difference vegetation index.
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Table 3. Percent contribution of environmental variables to each MaxEnt model. 

 

 

 

 

 

 

 

 

 

 

 

 

^NDVI is normalized difference vegetation index 

 

Dalmatian toadflax 

model variable 

 

Percent 

Contribution 

 

Yellow toadflax 

model variable 

 

Percent 

Contribution 

 

Hybrid toadflax 

model variable 

 

Percent 

Contribution 

Max. summer temp. 25.7 Max. autumn temp. 24.7 Summer number 

of frost free days 

47.1 

Elevation 25.4 Land use/cover 21.3 End of season 

NDVI std. dev. 

22.2 

Land use/cover 16.7 NDVI mean 20.6 Summer precip. 17.6 

Continentality 11.8 Winter precip. 16 Slope 13.1 

NDVI mean 9.1 % clay 5-15cm 11.4   

% clay 5-15cm 4.6 Summer degree days 

above 18°C 

3.3   

Winter precip. 3.4 Slope 2.7   

Annual heat-moisture 

index 

3.3     
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Figure 1. Environmental suitability maps indicating predicted suitability based on occurrence data and most significant environmental 
variables as modeled in MaxEnt; suitability categories are given as the probability that Dalmatian toadflax or yellow toadflax would 
grow in the indicated locations.



 

57 
 

 

Figure 2. Environmental suitability maps indicating predicted suitability based on occurrence data and most significant environmental 
variables as modeled in MaxEnt; suitability categories are given as the probability that hybrid toadflax would grow in the indicated 
locations. On the right are regions of overlap of Dalmatian and yellow toadflax, showing where their hybrid is more likely to occur as 
both parental species may exist there.
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Figure 3. Potential hybridization regions indicated in red – areas predicted as most suitable by 
the hybrid toadflax environmental suitability map and the overlay map. As the hot spots result 
from both prediction methods, they represent the highest risk areas for HT predicted by this 
research. 
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Chapter Three: Interviews with Weed and Land Managers 

Introduction 

To solicit feedback on the environmental suitability, overlay, and hot spots maps, seven 

people involved with toadflax management were interviewed. More specifically, the purposes of 

the interviews were to inquire about the accuracy of the maps, seek reactions to the hybrid 

toadflax maps, understand the pros and cons of such predictions, and query for a level of 

awareness of the invasive potential of hybrid toadflax. The interviewees were chosen out of the 

20 individuals that contributed toadflax occurrence data used in this modeling project as they 

expressed interest in being involved with subsequent research activities. Only one of these 

people was a stakeholder in the full thesis research project; the other six were interviewed for 

their unique perspectives based on their professional roles and the regions in which they work. 

Interviewees came from all three states in the study area (Montana, Wyoming, and Colorado) 

and included two US Forest Service employees, one county extension representative/weed 

coordinator/teacher, one extension representative with a rangeland focus, two state weed 

specialists, and a project manager in environmental consulting. A document was emailed to each 

participant that described the generation process and the specific context of each map (Maps are 

found in Chapter 2 and identified by figure number below). Interviews were conducted via phone 

March 20–31, 2017. The identity of respondents will remain anonymous. All three taxa were 

covered by the discussion questions – Dalmatian toadflax (DT), yellow toadflax (YT), and 

hybrid toadflax (HT).  

Other relevant published work. No published studies were found where modelers asked 

managers for feedback on ecological niche model output. A relevant, though conservation 

focused, paper about integrating modeling with decision making is reviewed here. Villero et al. 
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(2016) discussed recommendations to improve the results of conservation processes by 

incorporating modeling into decision making, with focus given to spatial products. In contrast 

with my interviews, their paper described results of stakeholder integration throughout a research 

project, whereas I sought to learn perspectives of several non-stakeholders with end results in 

hand, perhaps a unique approach for soliciting feedback. Villero et al. (2016) used three best-

practice successful example projects to elaborate how to use models to identify the most suitable 

habitats for implementing conservation management actions, with each contributing to the 

emergent results. The authors concluded that predictive distribution maps can be suggestive of 

potential management actions, though they can be misunderstood and misused if modeling goals 

and uncertainties are not explained to decision makers. To mitigate such risks, they reported 

uncertainties with each modeling step, highlighted the correct interpretation and known 

limitations of model outputs, and made recommendations to stimulate use of model outputs. The 

authors also highlighted striving for consensus with targeted audiences throughout the project to 

guarantee acceptance of the final map products (Villero et al. 2016). Stakeholder feedback 

enables alignment of spatial products to specific information requirements to support successful 

decision making (Laurance et al. 2012). Realization of these processes is possible when multiple 

project stakeholders with common goals provide input throughout the course of the research. 

 Interview questions 

The interview questions posed to each interviewee follow; everyone received all 

questions. Responses were typed during the interviews, and are discussed by theme in the 

subsequent sections of this chapter. 

1. What is your reaction to the HT occurrence map [Supplemental Figure 3 – in chapter 2])? 

2. Do you think the three environmental suitability maps (DT, YT, HT) are accurate based 
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on your understanding of the presence of toadflax in the field [Figures 1 and 2]? 

3. Do you have any questions about how the overlay map was created [Figure 2]? What’s 

your reaction to it? 

4. What is your reaction to the hot spots map, which combines the HT environmental 

suitability map and the overlay map [Figure 3]? 

5. How would you use the information provided in these maps? 

6. How useful do you consider such predictive maps? What provides value to you from 

modeling geographic distributions like this? What opportunities for improvement do you 

see? 

7. Do you know or suspect you have HT on the lands you where you work/that you 

manage? 

8. Are you concerned about HT as a significant invasive problem? If so, how concerned and 

why? If not, why not? 

9. Would you like to share any additional thoughts? 

Summary of Interview Responses 

Extent of knowledge of hybrid toadflax. Most interviewees had either little or no knowledge 

about HT occurrence, identification, and biocontrol methods. “Occurrence of HT is 

underreported – nobody is looking that diligently for it,” said one respondent. Another described 

how only one area in their managed lands is known to have an HT population, though they 

stated: “toadflax has been my nemesis – predominantly YT” and later added that toadflax is 

“pretty tough.” Regarding identification, one interviewee said that their small field crew doing 

the scouting did not know how to identify HT – they are aware of the taxon and have seen 

pictures, but seeing it in the field would solidify their knowledge. Thoughts about biocontrol 
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efficacy on DT and YT were shared by two people: “The way biocontrols are spreading I don’t 

think of toadflax as much of a concern. I think HT will get the same level of management 

concern and treatment [as DT and YT] – unless HT goes off into new areas.” Secondly, a 

biocontrol project with DT that showed a 95% success rate was described, with the addition that 

“the potential for biocontrol of HT seems exciting.” The current state of herbicide and 

biocontrols is discussed in the section "Current research on hybrid toadflax control" below. 

Perceptions of the environmental suitability, overlay, and hot spots maps. Five of seven 

interviewees stated that the DT and YT environmental suitability maps looked correct based on 

their knowledge of the species’ distributions. The sixth individual said that the DT map surely 

looked good, though they did not know what drives YT distribution and did not comment on the 

accuracy of the YT environmental suitability map. The seventh respondent considered the DT 

and YT maps inaccurate and cited a lack of occurrence data in the central and eastern part of 

Montana as the likely reason why. Six respondents did not comment on the accuracy of the HT 

environmental suitability map, likely because of limited knowledge of HT in the field. The single 

comment heard was “the HT suitability map is as expected, though perhaps there is more 

suitability in Wyoming like south of Jackson and the southwest area of the state.” 

The DT and YT environmental suitability maps are used to create the overlay map, 

whose premise is coexistence of the parental species is the strongest driver for hybridization. The 

overlay map received one neutral response, one concerned with the formatting of the map itself, 

and five positive responses – those that deemed the map accurate and easy to read. “It gives more 

information than we have now,” said one interviewee, adding “it is good information to focus 

efforts for controlling HT.” “It is a good regional representation,” said another. 
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The hot spots map was created by combining the HT environmental suitability map with 

the area of predicted suitability for HT from the overlay map. Feedback on the hot spots map 

varied, with valuable insights coming from neutral or negative responses (e.g., those pointing out 

where the map was inaccurate). One interviewee said the map predicted suitability in south 

Campbell County, Wyoming, which is in fact unsuitable for YT due to the area being arid and 

having clay soils. Another respondent liked the map, though he thought more suitability would 

show up in southwest Wyoming. A positive response was that “[the hot spots map] looks pretty 

accurate, it includes the places where I’d expect HT to show up.” Lastly, an individual stated that 

the predicted distribution of HT in the hot spots map was “kind of alarming.” 

Concerns about HT distribution. Three interviewees knew they have HT on the lands where 

they work, one suspected they have more HT than currently identified, another suspected they 

have HT, and three do not know, or could not determine, if HT exists in areas they oversee. 

Another noted that given their knowledge of DT and YT, there is a definite potential for HT to 

be a management problem. “I think there is a lot more HT out there then captured in these 

maps,” said one interviewee, adding “I initially thought HT [populations] were very localized – 

now when I go to any site with DT, I’m likely to find HT.” Lastly, the respondent commented 

how DT is becoming less abundant in their area and HT is getting more abundant. 

 Heterosis, i.e. “hybrid vigor”, was described as a likely contributor to the expanding 

distribution of HT. “HT is tougher than its parents, and I know DT and YT are tough in 

themselves” said one individual. Another interviewee described several factors contributing to 

their concerns: “both DT and YT are present in [my area] and I acknowledge the issue of hybrid 

vigor and resistance to control. Secondly, environmental conditions are changing and I don’t 
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think anyone has a good handle on these – not just climate, temperature and precipitation, but 

also land use and disturbance.”  

 Another respondent stated they had a low level of concern about HT spread. They know 

where DT and YT tend to invade and biocontrols have shown some good promise on these 

species, leading them to be “not too terribly concerned.” Further, they have not had difficulties 

with chemical controls on DT and YT, though “we never really know about HT with herbicides.” 

Lastly, they noted their level of concern was dependent on the forthcoming research results of 

biocontrol and herbicide effectiveness on HT, as well as the outcomes from these interviews. 

Concerns about HT management. The ability to successfully manage HT was a common 

concern among those interviewed. “The parents are already a challenge to manage… HT may be 

more of a challenge. We will essentially be selecting for HT if we successfully control DT and 

YT [in a community with HT] because HT will propagate if controls fail on it.” Another 

interviewee said “the most difficult management issue is that it’s so resilient, like YT. HT 

commonly requires extra time and effort to get to it and control it.” According to a subject matter 

expert, the research on control effectiveness on HT is still in progress “at this time, we can’t 

make any management recommendations [about controls]. This will become a problem when 

people spray HT without results.” “I worry that we don’t pay enough attention to [noxious 

weeds] – funding and management efforts are insufficient. Aspects of this include inventory, 

monitoring, management, and controls” stated an interviewee about the bigger picture challenges 

with noxious weeds. “In the scheme of noxious weed management there are too many invasives 

that are and are not listed. Competing resources arise in funding, politics, and fiscal resources” 

said one manager. Another respondent stated “[management] priorities can change if nastier 

weeds show up and resources are limited.” Two people stated the results of our research could be 
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used to request more resources, either by lobbying for more budget or helping to convince folks 

that toadflax is a genuine threat. 

Usefulness of maps and increasing awareness. Five of seven interviewees described the set of 

maps as useful; the other two said the maps would be more useful with the ability to zoom in or 

have a county-level view (further discussed in the section “Limitations and opportunities 

associated with this modeling research” below). Three respondents stated that the maps could 

raise awareness among weed and land managers, and one noted that following on from 

heightened manager awareness, increased field crew alertness to HT would be a likely outcome. 

Targeting prioritized locations. The topic of prioritizing HT management received a spectrum 

of responses. Two people mentioned that targeting locations based on the maps was either an 

initial or non-important step – that HT-aware field crews can look for the taxon on the ground 

and their findings become more important than the predictive maps. However, the ability to 

“narrow down the search for HT where it hasn’t been reported yet” and “focus efforts of control 

according to predictions such as targeting hybrid hot spots” was important to two others. One 

respondent stated “an ideal outcome would be focusing funds of management efforts – getting 

the biggest bang for the buck from high-risk areas.” The ability to prioritize likely travel vectors, 

for example, interstate traffic and traffic from a neighboring state, was important to one 

individual who said that “the maps are nice to show where toadflax is coming from and the areas 

that are most susceptible.”  Targeted outreach was also discussed – selecting specific counties or 

communities for outreach and ignoring others, such as those where HT environmental suitability 

was notably low. 

Current research on hybrid toadflax control. As mentioned previously, research on herbicide 

and biocontrol treatments for HT was ongoing at the time of these interviews (March 2017). The 
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subject matter expert on this research described the investigation status as follows: A formal 

garden-based study comparing herbicide efficacy on DT, YT and HT was initiated in September 

2016 to characterize toadflax genotype response to chemical management. Two species of stem-

boring weevils – Mecinus janthiniformis and Mecinus heydenii – have been shown to attack HT 

under greenhouse conditions, but field impact is unknown. Herbicide and biocontrol 

investigations are ongoing and results are still preliminary, so management recommendations are 

pending (as of July 2017).  

Limitations and opportunities associated with this modeling research 

Inability to zoom in (e.g. to a county-level map). The capability to generate a county-level map 

or to zoom in from the three-state view was of interest to six of seven interviewees. Ecological 

and technical limitations presented by this are discussed in the “My Reflections” section below. 

This need came from several interviewees differing perspectives: where to and not to 

survey/intensify efforts; to provide field workers with a more detailed map for taxon location; 

and to increase value for instruction/outreach, during which people want to recognize their 

county or they may not grasp the importance of the map’s meaning to the specific lands they 

own and/or manage. 

Incomplete occurrence data. The accuracy of our modeling results depends on comprehensive 

occurrence data for all three taxa, and it is difficult to capture a highly representative sample 

across a three-state region. Four interviewees had questions about sparse toadflax occurrence 

data at specific locations in their area (Supplemental Figures 1 – 3). These included Sweetgrass 

County, Montana, eastern Montana for DT and YT, the northeast corner of Colorado for YT, and 

Unita County, Montana for DT and YT. The effect of this missing data on the modeling (both 

environmental variable selection and all maps) could be that suitable areas for a taxon were left 
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out of the results. Such an area would need to be notably different than others that were deemed 

suitable by MaxEnt. This determination of suitability is only made for environments where the 

taxon is present. MaxEnt classifies all environmentally consistent areas with a similar probability 

of presence, thus the necessity for uniqueness in such an area. 

Enhanced modeling. Several recommendations were made of ways that the modeling process 

could be improved; however, none of these are possible with the current MaxEnt software 

application. Other modeling applications may provide some of these capabilities, though it was 

beyond the scope of this research to investigate additional applications. The first 

recommendation was to have the model remove land cover areas of heavy coniferous forests 

where toadflax does not grow. MaxEnt is designed to handle land cover as a categorical variable 

– a single environmental layer describing many categories of cover such that all types are 

considered together. If no occurrence points existed in the coniferous forest cover type, then 

MaxEnt would exclude that category out of land cover; however, in processing other favorable 

environmental variables, the coniferous areas may end up being identified as suitable. Thus, 

MaxEnt does not perform a black-and-white exclusion of one category such as coniferous forest. 

The second recommendation was to define absence points – locations where toadflax is known to 

not exist – and incorporate those into the predictions. Other modeling applications include this 

function, e.g. generalized linear modeling (GLM), though care must be taken to not include 

‘false’ absences (where a species was not detected during occurrence data collection; Hirzel et al. 

2002). This could be particularly challenging over a multistate area and a multiyear period. The 

third recommendation was to factor in sites of herbicide application or biocontrol release, which 

could be implemented by a model as an area of decreasing probability of occurrence. The fourth 

recommendation was to input pollinator density data, and thereby describe a mutualism that may 
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lead to greater toadflax spread. Interspecific interactions are widely varied and introduce 

significant complexity to modeling, such that this suggestion may be the most difficult to 

address. The fifth recommendation was to predict toadflax potential population densities, which 

would be a very useful accompaniment to probability of occurrence (that MaxEnt currently 

generates) as it provides additional information that is important to management. The final 

recommendation was to show the predicted distributions over time (e.g., 5 to 10 years in the 

future) plus with or without treatment. MaxEnt can generate models using forecasted 

environmental variables such as climate at future dates, though doing so requires running the full 

modeling process. 

Conclusions 

 The most important conclusion reached from these interviews was that nearly all 

respondents knew little about HT; a clear gap exists between awareness and occurrence of hybrid 

toadflax. However, most people acknowledged it as a considerable invasive threat based on the 

invasive capacity of the parental species and the potential distribution of HT. The maps shared 

with the interviewees were largely accepted for their accuracy in predicting suitable 

environments, other than minor exceptions. An interesting spectrum of responses was heard 

about the usefulness, benefits, and drawbacks of these predictions. Some found them highly 

useful and would target management in high-risk areas; others would not perform targeted 

management based on the maps. Benefits also come from increasing alertness of more weed and 

land managers plus field crews. The predominant drawback was the three-state extent of all maps 

– interviewees wanted an ability to zoom in on their lands of interest (further discussed in the 

next section). Conducting these interviews made a fulfilling and tangible contribution of sharing 
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knowledge about all three toadflax taxa among those directly involved with managing these 

invasive plants. 

My Reflections 

 As the primary researcher, I was very happy to have the opportunity to talk with people 

directly involved with toadflax management about the predictive map products. These 

discussions bridged the gap between my research results and the application of predictive maps 

in the ‘real world’. I learned a lot from people’s unexpected comments; the feedback received 

was most insightful regarding awareness, county-level maps, and modeling enhancements. 

 It was quite clear from the discussions that the highest value provided by the maps was 

raising awareness – mainly in weed and land managers, also in field crews as well as those 

deciding on budgets for invasive plant control efforts. I think that by spreading the word, both 

with my interviews and the publication of the modeling results as a peer-reviewed journal article, 

recipients will tune in to the results of the HT controls research. Ideally, weed managers who 

need to know how to control HT will be made aware of the most effective herbicide and/or 

biocontrol treatments based on these research efforts. The goal here is to increase alertness and 

preparedness for field crews to control HT on their managed lands. If additional resources are 

required for control efforts to be successful, the maps produced were described as one way to 

justify such a need, according to one interviewee. This is a very fulfilling outcome of the 

research – increasing awareness among those interviewed, or those that contributed occurrence 

data, and potentially a wider group of people involved with managing and treating toadflax. The 

concerns raised about competing priorities in invasive species management for funding and other 

resources are acknowledged and understood. However, I hope my research results may lead to an 

appropriate level of prioritization of toadflax management, particularly hybrid toadflax. 
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 With six out of seven interviewees requesting a county-level view or an ability to zoom 

in on the maps, it was very evident that there is an opportunity for maps that can guide localized 

control efforts. It was good to hear the desire to have this localized information to help address 

the threat of toadflax spread – managers want to control these invasives as well as possible. The 

rationale behind not being able to extract a county-level map from my results is that the accuracy 

level does not translate from the three-state area to a smaller area such as a county. To generate a 

county-level map with valid accuracy would require occurrence data solely from that county to 

train and test the model for a particular toadflax taxon. Additionally, environmental variables 

would need to be matched to the county-level extent, and may change based on the smaller scale. 

Thus, the MaxEnt modeling process would have to be repeated to correctly identify significant 

variables. County-level maps can be created, though they would require that the modeler work 

with occurrence points and environmental variable selection for an individual county. 

 Lastly, most suggestions for improved modeling addressed ways to make the model 

closer to what is seen in nature. Three comments were made about subtracting an element – land 

cover type, known absence of taxon, and previously treated locations, and one was made about 

adding an element – pollinator densities. It is insightful to understand the needs of those applying 

model results to on-the-ground efforts because they are above and beyond what the MaxEnt 

modeling application currently does. These needs constitute ways MaxEnt and/or other 

applications can be enhanced for realism from the perspective of those looking to apply the 

results to management efforts.  
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Summary 

The results on DT, YT, and HT in the U.S. Northern Rockies included identification of 

favorable environmental variables, predicted environmental suitability maps and – for HT – the 

overlay and hot spots distribution predictions. HT appears to be the most vigorous invader of 

these three taxa, and this is the first study of its potential geographic range. Hybridization hot 

spots were predicted for western Montana; northwestern, northeastern, and southeastern 

Wyoming; and the Western Slope and Front Range of Colorado. Model results also suggested 

that HT would have greater ecological amplitude than DT and YT – the hybrid may spread 

beyond the presence of its progenitors, specifically in north central Montana. The methods used 

for modeling HT as an emerging hybrid taxon with few recorded occurrence data serve as an 

example for other researchers of three different approaches to predict a hybrid’s ecological niche. 

With our modeling results in hand, I interviewed seven people involved with managing invasive 

toadflax and learned that nearly all respondents knew little about HT. However, most people 

acknowledged the highly invasive capacity of DT and YT, and therefore considered HT a 

formidable invasive threat. With many invasive plants on managers’ radar and limited resources, 

the objectives of this outreach evolved into raising awareness of the hybrid’s potential 

distribution and informing interviewees about ongoing controls research. Six of the seven 

respondents wanted the ability to zoom in on the maps, for example to a county-level view 

(which is ecologically infeasible due to accuracy not transferring across geographic extents). 

This localized perspective would better facilitate targeting management in the highest priority 

areas, a capability manager need due to resource limitations and the necessity of highly effective 

treatment plans. The greatest outcome of this research was raising awareness about HT – its 

occurrence, the predicted geographic distribution, and the current state of herbicide and 
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biocontrol investigations. With this increased awareness, managers of weedy toadflax in the U.S. 

Northern Rockies will be better able to create scouting and treatment programs for emerging 

hybrid toadflax. 

Limitations and Future Research 

The ecological niche models presented here are limited based on the nature of the 

modeling applications and the data used. Several restrictions imposed by current models prevent 

addressing such aspects as interspecies interactions, for example, biocontrols or pollinators, 

predicting species population densities, and modeling environmental stochasticity. Additional 

pertinent limitations could be overcome; specifically, including absence points, removing land 

cover areas such as heavy coniferous forests, and predicting species distributions in future 

climate change scenarios. These gaps could be filled by using a different modeling application 

such as generalized linear modeling (for absence data) or different data with MaxEnt (for land 

cover and climate change). To research toadflax distribution under predicted climate change 

scenarios, existing literature can be consulted, notably for finding future climate data and 

MaxEnt modeling methods. 

A significant unanswered ecological question following on from this research is: Does 

HT have a greater ecological amplitude than its parental species? To further investigate this 

question, a controlled experimental transplant of all three taxa could be conducted in two areas 

predicted suitable only for HT, that is, within north central Montana. Two areas are required to 

test independence of location and of isolated conditions. The null hypothesis is that all three taxa 

would survive and spread well; the alternative hypothesis is that DT and YT would not persist 

and only HT would. If HT demonstrates increased ecological amplitude, understanding the biotic 

and abiotic characteristics of the ecosystem could be insightful to further predict where the 
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hybrid may spread. Having more occurrence data for HT would similarly improve the prediction, 

though the accumulation of data likely will come from many contributors working in the field 

over time. The following questions represent research in progress: Is HT more invasive than YT 

or DT– does it spread faster and is it a better competitor in different environments? Does HT 

displace its parental taxa in an invaded area? Preliminary evidence suggests that HT can 

outcompete and replace both parental species. 

Unanswered questions about outreach include: Which toadflax management outreach 

programs are currently more effective than others and why? Using HT as an emerging invasive 

plant in the study area could serve as a model taxon to investigate outreach effectiveness. Before 

this research can begin, management recommendations need to be finalized based on herbicide 

and biocontrol investigations. Then metrics for HT awareness could be defined and measured 

among managers before and after the various outreach programs are performed. Examples of 

such metrics include the knowledge of HT existence, how to identify HT, and the locations of 

currently infested areas. Measuring the treatment of HT in response to outreach would not be a 

good metric as it is confounded by resource limitations. Given these limitations and open 

questions, opportunities abound for future research on hybrid toadflax and associated outreach 

activities in the U.S. Northern Rockies and beyond.
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Appendix 

Supplemental Table 1. Summary of raster environmental variables, sources, and resolutions 
used in modeling. 

Environmental 

Variables 

 

Source 

Original 

Resolution 

Climate ClimateWNA 1 km 

Land use/cover Multi-Resolution Land Characteristics 

Consortium (MRLC) National Land Cover 

Database 2011 

30 m 

eMODIS 

Phenology metrics 

USGS Earth Explorer 250 m 

Clay % at 0-5 cm, 

Clay % at 5-15 cm,  

ISRIC - World Soil Information SoilGrids 

Collection 

1 km 

Elevation USGS Earth Explorer Global 30 Arc-Second 

Elevation GTOPO30 DEM product 

830 m 

Aspect, slope Derived from GTOPO30 DEM 830 m 

EVI, NDVI USGS, NASA; Land Processes Distributed 

Active Archive Center; MRTWeb 

250 m 

VegDRI USGS Earth Explorer 1 km 
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Supplemental Table 2. Summary of Dalmatian toadflax model selection using AICc. See Table 1 for variables’ full names. Models 
are shown in order of decreasing number of parameters. The final model with moderate complexity is made bold. The AUC value is 
calculated from a single run, i.e. without ten-fold cross validation, so the value for model rank 1 (0.773) does not equal that in Table 2. 

Variables MaxEnt 

settings* 

No. of 

variables 

No. of 

parameters 

AICc ΔAICc AUC Model 

rank 

tmax_sm, dem, luc, td, ndvi_m, clyppt_15, 

ppt_wt, ahm LQTH, β=1 8 79 27229.7 -66.9 0.779 9 

tmax_sm, dem, luc, td, ndvi_m, clyppt_15, 

ppt_wt, ahm LQTH, β=1.5 8 63 27263.2 -33.4 0.773 8 

tmax_sm, dem, luc, td, ndvi_m, clyppt_15, 

ppt_wt, ahm LQH, β=2 8 58 27322.0 25.4 0.776 6 

tmax_sm, dem, luc, td, ndvi_m, 

clyppt_15, ppt_wt, ahm LQTH, β=2 8 56 27296.6 0.0 0.773 1 

tmax_sm, dem, luc, td, ndvi_m, clyppt_15, 

ppt_wt, ahm LQPH, β=2 8 52 27304.9 8.3 0.767 3 

tmax_sm, dem, luc, td, ndvi_m, clyppt_15, 

ppt_wt, ahm LQTH, β=2.5 8 51 27329.5 32.9 0.772 7 
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tmax_sm, dem, luc, td, ndvi_m, clyppt_15, 

ppt_wt, ahm LQPTH, β=2 8 51 27284.9 -11.8 0.763 4 

tmax_sm, dem, luc, td, ndvi_m, clyppt_15, 

ppt_wt LQTH, β=2 7 49 27279.8 -16.8 0.774 5 

tmax_sm, dem, luc, td, ndvi_m, clyppt_15 LQTH, β=2 6 49 27289.4 -7.2 0.783 2 

tmax_sm, dem, luc, td, ndvi_m LQTH, β=2 5 45 27424.1 127.5 0.757 10 

tmax_sm, dem, luc, td LQTH, β=2 4 35 27483.5 186.8 0.746 11 

MaxEnt settings are linear (L), quadratic (Q), product (P), threshold (T), and hinge (H) features; β is the regularization multiplier. 
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Supplemental Table 3. Summary of yellow toadflax model selection using AICc. See Table 1 for variables’ full names. Models are 
shown in order of decreasing number of parameters. The final model with moderate complexity is made bold. The AUC value is 
calculated from a single run, i.e. without ten-fold cross validation, so the value for model rank 1 (0.817) does not equal that in Table 2. 

Variables MaxEnt 

settings 

No. of 

variables 

No. of 

parameters 

AICc ΔAICc Test 

AUC 

Model 

rank 

tmax_at, luc, ndvi_m, ppt_wt, clyppt_15, 

dd18_sm, slope 

LQTH, β=1 

7 72 30195.0 -28.4 0.819 6 

tmax_at, luc, ndvi_m, ppt_wt, clyppt_15, 

dd18_sm, slope 

LQPTH, β=1.5 

7 57 30208.3 -15.1 0.816 3 

tmax_at, luc, ndvi_m, ppt_wt, clyppt_15, 

dd18_sm, slope 

LQTH, β=1.5 

7 56 30223.4 0.0 0.817 1 

tmax_at, luc, ndvi_m, ppt_wt, clyppt_15, 

dd18_sm, slope 

LQPH, β=1.5 

7 55 30253.1 29.7 0.814 7 

tmax_at, luc, ndvi_m, ppt_wt, clyppt_15, 

dd18_sm, slope 

LQH, β=1.5 

7 49 30247.8 24.5 0.816 5 

tmax_at, luc, ndvi_m, ppt_wt, clyppt_15, 

dd18_sm, slope 

LQTH, β=2 

7 47 30247.6 24.2 0.817 4 
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tmax_at, luc, ndvi_m, ppt_wt, clyppt_15, 

dd18_sm 

LQTH, β=1.5 

6 47 30213.4 -10.0 0.816 2 

tmax_at, luc, ndvi_m, ppt_wt, clyppt_15 LQTH, β=1.5 5 46 30285.6 62.2 0.809 9 

tmax_at, luc, ndvi_m, ppt_wt LQTH, β=1.5 4 44 30624.7 401.3 0.786 10 

tmax_at, luc, ndvi_m, ppt_wt, clyppt_15, 

dd18_sm, slope 

LQTH, β=2.5 

7 39 30277.8 54.4 0.816 8 

MaxEnt settings are linear (L), quadratic (Q), product (P), threshold (T), and hinge (H) features; β is the regularization multiplier.  
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Supplemental Table 4. Summary of hybrid toadflax model selection using AICc. See Table 1 for variables’ full names. Models are 
shown in order of decreasing number of parameters. The final model with moderate complexity is shown in bold. 

Variables MaxEnt settings No. 

variables 

Parameters AICc ΔAICc AUC Model 

rank 

nffd_sm, eosn_sd, ppt_sm, slope LQH, β=1 4 20 904.9 52.0 0.899 8 

nffd_sm, eosn_sd, ppt_sm, slope LQPH, β=1.5 4 19 896.8 43.9 0.895 7 

nffd_sm, eosn_sd, ppt_sm, slope LQPTH, β=1.5 4 16 860.4 7.5 0.904 3 

nffd_sm, eosn_sd, ppt_sm, slope LQTH, β=1.5 4 15 851.0 -1.9 0.9 2 

nffd_sm, eosn_sd, ppt_sm, slope LQH, β=1.5 4 15 852.9 0.0 0.895 1 

nffd_sm, eosn_sd, ppt_sm, slope LQH, β=2 4 13 843.6 -9.3 0.892 4 

nffd_sm, eosn_sd, ppt_sm, slope LQH, β=2.5 4 11 837.0 -15.9 0.889 6 

nffd_sm, eosn_sd, ppt_sm LQH, β=1.5 3 9 838.3 -14.6 0.873 5 

MaxEnt settings are linear (L), quadratic (Q), product (P), threshold (T), and hinge (H) features; β is the regularization multiplier. 
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Supplemental Figure 1. Dalmatian toadflax occurrence shown graphically as points per 1000 square kilometers in each county of the 
study area and points of occurrence throughout the area. This map reflects where the taxon was recorded by an observer, which may 
imply some degree of sampling bias as not all areas were sampled equally.
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Supplemental Figure 2. Yellow toadflax occurrence shown graphically as points per 1000 square kilometers in each county of the 
study area and points of occurrence throughout the area. This map reflects where the taxon was recorded by an observer, which may 
imply some degree of sampling bias as not all areas were sampled equally.
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Supplemental Figure 3. In contrast to the maps for Dalmatian toadflax (Supplemental Figure 1) and yellow toadflax (Supplemental 
Figure 2), this map for hybrid toadflax occurrence shows the count of points per county instead of point density. Note the description 
of occurrence total points and data sources.
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Supplemental Figure 4. Multivariate toadflax niche in MT, WY, and CO obtained with 
Principal Component Analysis (PCA). Red areas show the Dalmatian toadflax niche, green 
shows the yellow toadflax niche, and blue shows the niche overlap between the two taxa. Solid 
and dashed red contour lines show 100% and 75% of the environmental envelope for the study 
area, respectively. 
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Supplemental Figure 5. The graphical and statistical evaluation of similarity of quantity and 
similarity of locations between the hybrid toadflax environmental suitability threshold map (10 
percentile training presence logistic threshold = 0.2771) and the hybrid toadflax zone of the 
overlay map. The low degree of similarity between the maps is reflected in the low value of the 
 (Kappa) statistic, 0.261. This dissimilarity is likely caused by the hybrid toadflax 
environmental suitability map being generated from minimal occurrence data and being less 
accurate as a result. 
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Supplemental Figure 6. The hot spots map per Figure 3 is shown with national park, wilderness 
area, and Native American reservation boundaries. Note that the hot spot areas shown (in yellow, 
orange, and red) are identical to Figure 3. 


